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Abstract

To expand our knowledge of personality assessment, this

study connects research and theory related to two common

selection methods: assessment centers (ACs) and personal-

ity inventories.Weexamine the validity of personality-based

AC ratings within a multi-method framework. Drawing from

the self-other knowledge asymmetry model (Vazire, 2010),

we propose that AC ratings are suited to capture per-

sonality traits that are observable in social interactions,

whereas other methods (i.e., self-ratings) are useful to

assess more internal traits. We obtained data from two

personality-based ACs, self- and other-rated personality

inventories, and supervisor ratings of job performance.

Confirmatory factor analyses indicated that personality-

based AC ratings reflected the Big Five traits. Consistent

with the self-other knowledge asymmetry model, AC rat-

ings of more observable personality traits (Extraversion,

Agreeableness, and Intellect/Openness) were correlated

with inventory-based measures of these traits. AC ratings

demonstrated incremental validity in predicting job perfor-

mance over inventory-based personality measures for some

traits (including Agreeableness, and Intellect/Openness) but

self-ratings also demonstrated incremental validity over AC

ratings (for Conscientiousness). This implies that different

This is an open access article under the terms of the Creative Commons Attribution-NonCommercial License, which permits use, dis-

tribution and reproduction in anymedium, provided the original work is properly cited and is not used for commercial purposes.

© 2021 The Authors. Personnel Psychology published byWiley Periodicals LLC

Personnel Psychology. 2021;1–31. wileyonlinelibrary.com/journal/peps 1

https://orcid.org/0000-0003-2912-1677
https://orcid.org/0000-0002-6121-4227
https://orcid.org/0000-0002-9487-5187
https://orcid.org/0000-0003-4211-6450
https://orcid.org/0000-0002-0939-1349
mailto:a.heimann@psychologie.uzh.ch
http://creativecommons.org/licenses/by-nc/4.0/
https://wileyonlinelibrary.com/journal/peps
http://crossmark.crossref.org/dialog/?doi=10.1111%2Fpeps.12478&domain=pdf&date_stamp=2021-08-28


2 HEIMANN ET AL.

personality measures capture unique information, thereby

complementing eachother. Yet, ACeffect sizesweremodest,

suggesting that running personality-based ACs is advisable

only under specific circumstances.

KEYWORDS

assessment center, behavioral observation, job performance, per-
sonality, validity

1 INTRODUCTION

“[. . . ] behavior is an outcome through which personality constructs manifest themselves concretely –

indeed, personality constructs without behavioral implications are unlikely to be widely interesting or

important. In this sense, behavior helps reveal the breadth and nature of personality’s impact.” (Furr,

2009, p. 374)

This quote stems from a debate in personality research calling for more behavior-focused measures of personal-

ity (Back & Egloff, 2009; Schmitt, 2009). The same call is warranted with regards to personality assessment in indus-

trial and organizational (I/O) psychology, where organizations often assess personality to find a suitable person for a

given job or a suitable job for a given person (Ones et al., 2007). Organizations rely on personality assessment because

personality traits such as the Big Five (Extraversion, Agreeableness, Conscientiousness, Emotional Stability, and Intel-

lect/Openness; Goldberg, 1990) are thought tomanifest in behavior. The rationale underlying personality assessment

is that personality traits help predict how people will behave and perform on the job (Hogan & Shelton, 1998; Tett &

Burnett, 2003).

Despite the theoretical importance of behavior for understanding personality and for predicting job performance,

we still know relatively little about assessing behavioral manifestations of personality in applied settings (for an

overview of behavior-based personality measures seeWrzus &Mehl, 2015). One reason might be that the measures

of choice for assessing personality are predominantly inventory-based (either self-ratings or other-ratings) because

personality inventories are easy to administer (Vazire, 2006). Yet, according to personality researchers, the inven-

tory format is suboptimal for capturing behaviors resulting from personality (Baumeister et al., 2007; Furr, 2009). For

example, personality inventories typically consist of items describing general tendencies (e.g., “I worry about things”)

that reveal little about whether and how agreeing with these items translates into behavior. Furthermore, personality

inventories require that individuals who complete the inventory are both able andwilling to describe the target person

(often themselves) accurately. Yet, in selection settings, individuals completing an inventory often do not meet these

requirements, which affects the informative value of personality inventories in this context (Hu &Connelly, 2021).

To contribute to the discussion of how to assess personality in applied settings, the present study examines the

assessment center (AC)method as a behavior-focused personalitymeasurewithin amulti-method framework.We pro-

pose that AC ratings have the potential to meaningfully complement traditional, inventory-based personality mea-

sures. This is because ACs have the unique feature of using multiple observers (i.e., assessors) who have a clear man-

date to observe and rate assessees’ behaviors related to behavioral constructs (i.e., AC dimensions) in high-fidelity

simulations (i.e., AC exercises, International Taskforce onAssessment Center Guidelines, 2015). Although others have

already put forward that ACs could serve as potential personality measures (Christiansen et al., 2013; Speer et al.,

2015), as of yet, there is no empirical research addressing (a)whether personality constructs such as theBig Five traits

can be assessed as AC dimensions (i.e., via within-exercise ratings, also called post exercise dimension ratings), (b) how
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AC ratings of personality traits fit into a multi-method framework of personality assessment, and (c) whether AC rat-

ings of personality traits add value beyond traditional personality measures in predicting job performance.

This study aims to expand our knowledge of behavioral manifestations of personality by investigating the following

key questions: (1) To what extent do AC ratings of the Big Five traits demonstrate construct-related validity?; (2) To

what extent do AC ratings of the Big Five correspond to inventory-based self- and other-ratings of personality (i.e.,

ratings from untrained raters such as friends and fellow assessees)?; and (3) Do AC ratings of the Big Five predict job

performance beyond inventory-based self- and other-ratings? To investigate these questions, we use the self-other

knowledge asymmetry model (Vazire, 2010) as a conceptual framework to integrate research and theory from the

personality literature with the AC literature.

2 KNOWLEDGE ASYMMETRY IN PERSONALITY ASSESSMENT

The self-other knowledge asymmetry (SOKA) model (Vazire, 2010) may help to understand how AC ratings of per-

sonality complement traditional inventory-based personalitymeasures. It was developed to explainwhich personality

traits are best assessed with self-ratings vs. other-ratings. The model proposes that self- and other-ratings of person-

ality systematically differ in (a) the information onwhich personality ratings are based and (b) raters’motivation to use

this information (see also Vazire & Carlson, 2010, 2011).

Concerning informational differences, the level of observability of different personality traits plays a key role (see

also Paunonen, 1989; Watson et al., 2000). Observability refers to how visible a given trait is from the outside. The

SOKA model suggests that self-ratings are particularly suited to tap into traits that describe internal processes and

that require self-insight (e.g., Emotional Stability being measured with items such as “I seldom feel blue”; Goldberg,

1992). This is because the individual alone has direct access to information about their thoughts and feelings (John &

Robins, 1993; Vazire & Carlson, 2010). Traits that are less visible (e.g., manifesting in internal behaviors such as rumi-

nation) are more difficult to be judged by others because these traits must typically be inferred from ambiguous cues

(when the target person seems exhausted or distracted; see also Funder, 1995). Conversely, the SOKA model pro-

poses that other-ratings are posited to better capture more visible traits that describe how a target person interacts

with her/his environment.

Concerning motivational differences, the evaluativeness of different personality traits is essential (see also John &

Robins, 1993; Paulhus& John, 1998). Evaluativeness refers to howmuch a given trait is seen as valuable by individuals.

The SOKAmodel indicates that self-ratings are less suited to capture evaluative traits (e.g., Intellect/Openness being

measured with items such as “I have excellent ideas”; Goldberg, 1992), given that individuals are motivated to protect

and enhance their self-view,whichmay cloud their self-judgment (Paulhus, 1984; Vazire&Carlson, 2011). Conversely,

the SOKA model suggests that other-ratings are better suited to capture evaluative traits because these traits mani-

fest in behaviors that individuals displaymore openly and frequently (see also Funder, 1995). In addition, othersmight

be less inclined to distort their responses to portray a favorable picture of the target person.

In sum, the basic assumption of the SOKA model is that self- and other-ratings capture different aspects of trait-

relevant information. This implies that no one approach is generally superior to another, but that different measures

complement each other. Our study extends this idea by using the SOKAmodel to predict which aspects of personality

are suited to be assessed through behavioral observations in ACs.

2.1 Assessment centers compared to traditional personality measures

To examine the AC method as a behavior-focused personality measure, a central question is how AC ratings of

personality differ from inventory-based self/other-ratings. Drawing from the SOKA model, Table 1 contrasts these

three approaches to personality assessment by delineating informational and motivational differences across these

methods.
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TABLE 1 Informational andmotivational differences across self-ratings, other-ratings, and assessment center
ratings of personality

Inventory-based

self-ratings

Inventory-based

other-ratings AC ratings

Informationalmethod

differences

pertaining to the

relevance and

availability of

information

•Access to
self-perceptions of

behaviors,

thoughts, and

feelings

•Access to behavioral
observations, but

not to unexpressed

thoughts and

feelings

•Access to behavioral
observations, but

not to unexpressed

thoughts and

feelings

• Self-observations in
a large number of

various situations

•Observations only

in certain situations

(depending on

acquaintance)

•Observations only in

a small number of

selected situations

(depending on AC

design)

•No control over the
trait-relevance of

situations in which

self-observations

take place

•No control over the
trait-relevance of

situations in which

raters observe the

target person

•Control over the
trait-relevance of

situations in which

raters observe the

target person

• Retrospective
ratings (available

information

depends on target

person’s memory)

• Retrospective
ratings (available

information

depends on raters’

memory)

•Within-exercise

ratings (assessors

observe and record

behavior in eachAC

exercise, then rate

the target person

immediately after

each observation)

Motivationalmethod

differences

pertaining to the

detection and

utilization of

information

•High ego
involvement

(self-enhancement

and impression

management

motives)

• Potential ego
involvement

(relationship with

the target person,

purpose of

assessment)

• Low ego

involvement (no

prior acquaintance

with target person)

•Untrained
self-raters

(attentional focus

on trait-relevant

information

depends on target

person’s personal

interest)

•Untrained raters
(attentional focus

on trait-relevant

information

depends on raters’

personal interest)

• Trained raters
(attentional focus is

explicitly directed

on gathering

trait-relevant

information)

In terms of their informational basis, AC ratings differ from self/other-ratings in various ways. As a key difference,

ACs rely solely on observations of behavior, whereas self-ratings are based on self-perceptions of emotions, cogni-

tions, and behavior. This implies a broader informational basis for self-ratings. AC ratings and traditional other-ratings

are similar in that they both rely on observations of behavior and that raters do not have direct access to the target

person’s emotions and cognitions. Yet, a major difference between AC ratings and other forms of other-ratings is that

AC ratings are based on observations in a few short, standardized situations (i.e., AC exercises) that were designed to

be trait-relevant. In contrast, the informational basis of traditional other-ratings is less standardized so that it substan-

tially depends who the other-rater is (Connelly & Ones, 2010) and on the range of situations in which the other-rater
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has observed the target person (Denrell, 2005). For example, other-ratings from close friends are likely based onmore

information than other-ratings from short-term acquaintances.

In terms of motivational differences, AC ratings typically stem from independent assessors, whereas traditional

self/other-ratings typically come from raters who are personally acquainted or involved with the target person (see

also Furr, 2009). Hence, assessors in an ACwould be more neutral, because they are less affected by response distor-

tions inherent in self-ratings and are less affected by friendship biases that are characteristic of other-ratings (Leising

et al., 2013). Also related to motivational differences, the concept of trait evaluativeness is likely to play a key role for

AC ratings. In ACs, assessees know that they are being observed and evaluated over a relatively short time span. These

are classic characteristics of a maximum performance setting (Sackett, 2007; Sackett et al., 1988). Maximum perfor-

mance is how individuals behave when they are highly motivated and exert as much effort as possible, as opposed to

typical performance, which is how individuals behave on a regular basis. Hence, when an AC is explicitly designed to

assess personality traits, all of the assessed traitsmay become higher in evaluativeness, because they are assessed in a

maximum performance setting.1

As maximum performance settings, ACs have both disadvantages and advantages for personality assessment. A

potential disadvantage is that personality is thought to manifest more in typical performance and less in maximum

performance settings (Sackett, 2007). The underlying rationale is that all individuals are equally motivated to perform

well inmaximumperformance settings, so that behavior in such situations dependsmore on ability and less on person-

ality (Klehe&Anderson, 2007). In consequence, ACsmay not allow assessors to observe the full variability in behavior

that is attributable to personality traits. ACs as maximum performance settings may also create advantages for per-

sonality assessment. Maximum performance settings motivate individuals to display the behavior that the situation

requires. AC exercises can be explicitly designed to contain situational cues giving hints to assessees on which (trait-

relevant) behaviors are required in the respective exercise (Schollaert & Lievens, 2012). Such situational cues increase

trait activation (i.e., trait-relevant cues elicit trait-relevant behavior in maximum performance settings; Lievens et al.,

2015), and thus the likelihood of assessors being able to observe trait-relevant behaviors (Haaland & Christiansen,

2002).

2.2 To what extent do AC ratings of the Big Five demonstrate construct-related
validity?

Despite its favorable features, the ACmethod has remained largely unexplored as a personality measure. The present

studyaddresses this gapand starts byexamining theextent that theBigFive traits canbevalidly assessedasACdimen-

sions (via within-exercise ratings).

Several arguments support the idea that the Big Five traits are useful AC dimensions. According to the Interna-

tional Taskforce on Assessment Center Guidelines (2015), AC dimensions should refer to behaviors that are logically

and reliably classified together, and that are related to indicators of job performance. The Big Five traits meet these

requirements because they have well-defined behavioral domains (Fleeson & Gallagher, 2009) and are conceptually

linked to behavior at work (Hogan & Shelton, 1998; Tett & Burnett, 2003). Moreover, the Big Five have a relatively

robust factor structure (Goldberg, 1990, 1992; Hofstee et al., 1992).

If AC ratings can validly capture the Big Five traits, this should be reflected in the internal construct-related validity

of AC dimension ratings. Internal construct-related validity is typically examined using confirmatory factor analysis

(CFA), thereby comparing whether different factor models (i.e., models specifying AC dimensions, AC exercises, or

both as latent factors) fit the underlying structure of within-exercise ratings (e.g., Bowler &Woehr, 2006; Lance et al.,

2004). CFAs support the internal construct-related validity of AC dimension ratings when they find support for latent

factors representing AC dimensions in addition to latent factors representing AC exercises. Thus, we consider a CFA

model that includes both the Big Five traits and AC exercises as latent factors to bemost appropriate to represent AC

ratings of the Big Five (i.e., a “mixed-model AC”, seeMelchers et al., 2012). Accordingly, we predict:
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Hypothesis 1: A CFA model specifying the Big Five traits as latent dimension factors and AC exercises as latent

method factors best represents the data structure underlying personality-based within-exercise AC

ratings.

2.3 To what extent do AC ratings of the Big Five correspond to self- and
other-ratings of the same traits?

The next relevant issue in examining the potential of ACs as behavior-focused personality measures is to understand

the extent thatAC ratings of personality provide accurate personality judgments. This relates to a strand of personality

research that has been labeled as the “accuracy paradigm” by Funder (1995). This research stream has scrutinized the

specific conditions under which raters are capable of accurately judging a target person’s personality (e.g., Connelly &

Ones, 2010; Kim et al., 2019).

The extent that AC ratings of the Big Five traits relate to inventory-based self/other-ratings of the same traits can

be interpreted as a relevant indicator of the ACmethod’s capability to provide accurate personality judgments. In per-

sonality research, themost commonapproach to determine accuracy in personality judgments is self-other agreement

(i.e., the degree to which other-raters agree with a given target person’s judgment of their own personality; Funder,

2012). Another often used indicator of accuracy is other-other agreement (i.e., the degree to which a group of other-

raters agrees with another group of others’ judgments of a target’s personality).

In general, we assumed that relationships between AC ratings and self/other-ratings of the same traits would

be modest for two reasons. First, there are multiple method differences between AC ratings and inventory-based

self/other-ratings that might produce method variance in these ratings independent from the actual trait variance

(see Table 1). Second, accurate personality judgment is a difficult process with manifold opportunities for error (Back

&Nestler, 2016; Funder, 1995). In fact, as stated by personality researchers, one should “be amazed that human judg-

ment of personality is ever correct” (Funder, 2012, p. 179).

However, going beyond this general and somewhat pessimistic expectation, we predict that relationships between

AC ratings and self/other-ratings of the same traits will be stronger under specific conditions, namely when “good

traits” are assessed (i.e., specific traits that others can judge more easily; Funder, 1995). In the context of ACs, “good

traits” may be easily observable in behavior in AC exercises (in line with research on trait activation in AC exercises;

Haaland&Christiansen, 2002; Lievens et al., 2006). Thus, we expect higher accuracy (i.e., higher correlations between

AC ratings and inventory-based self/other-ratings) for more observable traits as compared to less observable traits.

More observable traits are those traits that manifest in how a target person interacts with their environment (see

also Leising & Bleidorn, 2011). Trait expressions of Extraversion (e.g., interacting with others in a confident manner),

Agreeableness (e.g., demonstrating agreement and support for others), and Intellect/Openness (e.g., bringing up new

ideas)maybe frequently anddirectly observable during professional social interactionswhich are typicallymajor com-

ponents of AC exercises (Hoffman et al., 2015).

Less observable traits include traits that describe how a target person deals with themselves and how the tar-

get person processes their environment on the inside. Specifically, expressions of Conscientiousness (e.g., carefully

preparing and paying attention to details) may be less directly visible in social interactions. Similarly, expressions of

Emotional Stability (e.g., being openly irritated, sad, or volatile) may be less frequently shown in assessment situations,

given that applicants aremotivated to engage in self-control (see also Ployhart et al., 2001).

There is also some initial empirical evidence for the proposition that interactive AC exercises are particularly

suited to assess Extraversion, Agreeableness, and Intellect/Openness but not to capture Conscientiousness and

Emotional Stability. A stream of research has examined how conventional AC ratings (i.e., AC dimensions that have not

been explicitly constructed to assess personality) relate to ratings from personality inventories (e.g., Dilchert & Ones,

2009; Kolk et al., 2004). The most recent meta-analysis of these studies found modest but significant relationships

between latent AC dimension factors and Extraversion, Agreeableness, and Intellect/Openness, but non-significant
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relationships between latent AC dimension factors and Conscientiousness and Emotional Stability (Meriac et al.,

2014). In a similar vein, in one AC study (Speer et al., 2015), observers watched videos of traditional AC exercises and

afterwards rated assessees’ AC performance on behavior-focused personality items (i.e., the Big Five traits were not

assessed via within-exercise ratings). The correspondence between observers’ ratings and self-ratings of personality

was highest for Extraversion followed by Agreeableness, and Intellect/Openness, and lowest for Conscientiousness

and Emotional Stability.

Taken together, the above conceptual arguments and empirical evidence suggest that interactive AC exercises

may be particularly suited to accurately assess more observable traits like Extraversion, Agreeableness, and Intel-

lect/Openness. Following the logic of the accuracy paradigm on personality research (Funder, 2012), this should lead

to a specific pattern of correlations: AC ratings of Extraversion, Agreeableness, and Intellect/Openness should relate

more strongly to self/other-ratings of the same traits (i.e., demonstrating higher accuracy) than AC ratings of Consci-

entiousness and Emotional Stability. Hence, we hypothesize:

Hypothesis 2a: Correlations between within-exercise AC ratings and self-ratings of the same personality traits are

stronger for more observable traits (Extraversion, Agreeableness, and Intellect/Openness) than for

less observable traits (Conscientiousness and Emotional Stability).

Hypothesis 2b: Correlations between within-exercise AC ratings and other-ratings (i.e., friends’ ratings and fellow

assessees’ ratings) of the same personality traits are stronger for more observable traits (Extraver-

sion, Agreeableness, and Intellect/Openness) than for less observable traits (Conscientiousness and

Emotional Stability).

2.4 Do AC ratings of the Big Five explain variance in job performance over self- and
other-ratings of the same traits?

To determine the added value of the AC method as a behavior-focused approach to personality assessment in work-

related settings, it is necessary to investigate whether AC ratings of the Big Five have incremental validity over

self/other-ratings for predicting job performance. AC ratings of the Big Five may be particularly suited to fore-

cast assessees’ job performance because ACs assess work-related behaviors, and such work-related behaviors are

expected to be related to on-the-job behaviors. Theories linking personality to job performance assume that person-

ality traits manifest in behaviors at work (given that the work context contains trait-relevant cues) and that these

behaviors contribute to job performance if the specific work context values the expression of these behaviors (Chris-

tiansen & Tett, 2008; Hogan & Shelton, 1998; Tett & Burnett, 2003). In other words, personality traits are related to

job performance via behavioral expressions of personality, and these expressions can be captured in ACs.

In line with the SOKA model, our general premise is that the AC method provides complementary information to

self/other-ratings regarding assessees’ standing on personality traits.We expect to find incremental validity of AC rat-

ings (of observable traits) over self/other-ratings in the prediction of job performance for two reasons. First, AC rat-

ings are likely to explain unique variance in job performance because they are typically provided by thoroughly trained

assessors, which is a unique feature of the ACmethod (see Table 1). Meta-analytic evidence found that trained raters

provide more accurate assessments than untrained raters (Roch et al., 2012; Woehr & Huffcutt, 1994). Explanations

for this finding are (a) that rater training emphasizes the importance of behavior and therefore helps raters to create

stronger behavioral memories, (b) that rater training helps raters to instill more valid behavioral categories (i.e., cat-

egories that correspond better to trait-relevant behaviors) as compared to the idiosyncratic behavioral categories of

untrained raters, and (c) that raters use a common evaluative frame of reference for their ratings (Roch et al., 2012).

Taken together, this suggests that AC ratingsmay contain lessmeasurement error attributable to raters and therefore

lead tomore accurate predictions than self/other-ratings from untrained raters.
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Second, AC ratings may contain performance-relevant information that is not captured by self/other-ratings,

because AC ratings are based on observations in maximum performance settings (Kleinmann & Klehe, 2011). This

allows assessors to observe how personality manifests in behavior in situations that are most critical to performing

well on the job, which in turn should facilitate job performance predictions. In line with this assumption, previous

research found that selection measures of maximum performance are valid predictors of performance under both

maximum and typical conditions (Klehe & Latham, 2008). Hence, we predict:

Hypothesis 3a: Within-exercise AC ratings of Extraversion, Agreeableness, and Intellect/Openness explain a signif-

icant proportion of variance in supervisor ratings of job performance over and above self-ratings of

the same traits.

Hypothesis 3b: Within-exercise AC ratings of Extraversion, Agreeableness, and Intellect/Openness explain a signif-

icant proportion of variance in supervisor ratings of job performance over and above other-ratings

(from friends and fellow assessees) of the same traits.

From a multimethod perspective, it is also relevant to note that self-ratings are likely to provide complementary

information to AC ratings. A main assumption of the SOKA model is that target persons have unique knowledge

regarding less observable traits (Vazire, 2010). Traits like Conscientiousness and Emotional Stability are character-

ized by internal processes (i.e., individual thoughts, intentions, and feelings) rather than by visible behavior. Informa-

tion about a target person’s level of Conscientiousness and Emotional Stability seems better accessible through self-

ratings than through AC ratings because a target person can be considered to be an expert in their own cognitions and

emotions. Accordingly, we posit:

Hypothesis 4: Self-ratings of Conscientiousness and Emotional Stability explain a significant proportion of the vari-

ance in supervisor ratings of job performance over and above within-exercise AC ratings of the same

traits.

3 METHODS

We examined data from two independent ACs. The first AC was conducted for hiring purposes without access to cri-

terion data. The secondACwas conducted as a job application trainingwith employed participants for whom criterion

data was available (i.e., self-ratings and different types of other-ratings of personality, and supervisor ratings of job

performance).

3.1 Sample 1

3.1.1 Assessees

The sample consisted of 303 applicants (121women, 182men) from theNetherlandswho applied for supervisory jobs

in different organizations. Their ages varied between 30 and 45 years, and they worked in service-related industries.

A consultancy firm administered the AC in cooperation with AC researchers. Data collection was carried out in accor-

dance with the ethical guidelines for research involving human subjects by the University of Groningen (Netherlands)

and with the Dutch Personal Data Protection Act (reference 020–6498578). Data were collected over a period of 2

years (from 09/01/2008 to 12/31/2010).
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3.1.2 Assessment center design

As part of a half-day AC, assessees completed three role-play exercises. Role-play exercises are among the most pop-

ular AC exercises in practice (Eurich et al., 2009). Role-plays were used in this first data collection because previous

researchhas shown that they canbeeasily designed toelicit behavior relevant to theACdimensionof interest (Lievens

et al., 2015). Each role-playwas designed to elicit trait-relevant behavior for eachBig Five trait, following commonbest

practice guidelines for the design of role-plays for ACs (Thornton et al., 2017). Assessees’ behaviorwas rated on all Big

Five traits per role-play. In each role-play, assessees interacted with one role-player. The role-player took the role of

either a problem subordinate or work colleague. Assessees were instructed to achieve a specific goal in each role-play

(e.g., argue in favor of attending a workshop).

Two assessors individually observed and rated assessees in each role-play exercise. This pair of assessors always

consisted of one assessor from the consultancy firm and one assessor from the respective assessee’s organization.

Assessors rotated between the exercises so that assessees were seen by different pairs of assessors. All assessors

had previously followed a 1-day training designed in accordance with the AC Guidelines (International Taskforce on

Assessment Center Guidelines, 2015). In this training, assessors were familiarized with the Big Five traits (i.e., defi-

nitions and associated behaviors), the three role-play exercises, and with the observation and evaluation process. To

develop a common frame-of-reference (e.g., Roch et al., 2012), assessors individually rated several videos of mock

assessees, discussed their ratings with the trainer and fellow assessors, and then received feedback.

3.1.3 Assessment center ratings of personality

Assessors rated the Big Five traits on 7-point semantic difference scales. Descriptive personality itemswere placed as

examples on both ends of each scale. Similar to Speer et al. (2015), these descriptors were taken from lexical research

on personality (Hofstee et al., 1992). Example descriptors were patient vs. impatient, helpful vs. unhelpful, listens to what

others have to say vs. interrupts others. After each exercise, assessors averaged their individual ratings. The consultancy

firmmade only aggregated data available thus we could not examine interrater reliability.

3.2 Sample 2

3.2.1 Assessees

The sample consisted of 223 employees (91 women, 132 men) from different occupations and organizations in

Switzerland who had signed up for a job application training program to prepare for their next career step.2 As part

of the program, they took part in an AC in return for feedback on their AC performance and for advice on future job

applications. They reported behaving as in an actual selection process (M=3.93, SD=0.82, on a scale from1= strongly

disagree to 5= strongly agree). Assessees’ ages varied between 20 and 56 (M= 30.56, SD= 7.32) years. Assessees had

been employed in their current position for an average of 2.57 (SD = 2.22) years and the majority (82%) held an aca-

demic degree. About 30% of the assessees worked in research and development; 12% in sales, marketing, or commu-

nication; 12% as administrative staff; 10% in project management; 8% in finance; 6% in education; 4% in information

technology; 3% in human resources management; 3% in supply chain management; 2% worked as technical staff; 2%

in health services; 1% in executive management; and 7% did not indicate any of these categories. Data collection was

designed and carried out in accordance with the approval procedure and checklist for ethical research provided by

the Ethics Committee of the Faculty of Arts and Social Sciences at the University of Zurich (Switzerland). Data were

collected over a period of 5months (from 06/17/2014 to 10/31/2014).
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3.2.2 Assessment center design

As part of a full-day AC, assessees completed four AC exercises: two cooperative leaderless group discussions, one

competitive leaderless group discussion, and one presentation exercise. These types of exercises are all popular in

practice (e.g., Krause & Thornton, 2009). The two cooperative group discussions represented hidden-profile tasks

wherein a group of assessees held different pieces of information and had to share and combine their information

to find the best solution as a team. In the competitive group discussion, each assessee had to individually rank the

effectiveness of different strategies to address a given problem. A group of assessees subsequently discussed these

different strategies and had to agree on a common rank order of their effectiveness, whereas it was each assessees’

goal to convince the group of their individual rank order. In the oral presentation, assessees had 10min of preparation

time and thenwere asked to introduce themselves by presenting a leisure activity of their choice.

In each exercise, assessees were rated on the Big Five traits. To determine which Big Five traits can be observed

and should be assessed inwhich exercise, we assessed the trait activation potential (TAP) for each of the Big Five traits

in each exercise. TAP describes the psychological demands placed on an assessee in a given AC exercise (Haaland &

Christiansen, 2002). To assess the TAP, five I/O psychologists with experience in personnel selection served as inde-

pendent subject matter experts (SMEs). SMEs were provided with (a) definitions of the Big Five personality traits,

(b) the materials of the four exercises described above, and (c) behavioral examples of the Big Five that were based on

items fromthe International Personality ItemPool (IPIP;Goldberg, 1992) andon thebehavioral personality items from

Speer et al. (2015). SMEs followed the procedures described by Speer et al. (2015) to provide TAP ratings. SMEs rated

which of the Big Five traits and which specific behavioral examples can be observed and evaluated in which exercise.

Basedon theseTAP ratings,we selected the traits that had received thehighest ratings fromSMEs in each exercise and

included them as AC dimensions in the respective exercise. TAP was descriptively highest for Extraversion (M = 4.2,

SD = 0.73) and Agreeableness (M = 4.2, SD = 0.31) and lowest for Conscientiousness (M = 2.9, SD = 0.65) and Emo-

tional Stability (M= 2.7, SD= 0.34). The online supplement presents exercise-by-dimensionmatrices and an overview

of TAP ratings (see Tables S1 and S2).

Assessees were observed and rated by two assessors in each exercise. The pair of assessors always consisted of

two individuals from a pool of 36 assessors, who were on average 29.44 (SD = 9.02) years old and had a background

in I/O psychology. Assessors rotated through the exercises so that all assessees were rated by two different pairs of

assessors during theAC. Thus, across all exercises, each assesseewas rated by four assessors in total. After completion

of all exercises, assessors discussed their observations and averaged their individual ratings. Assessors had previously

attended a 1-day assessor training where they were familiarized with the Big Five traits, the content of the AC exer-

cises, and theobservation andevaluation process. In the assessor training, they also rated anddiscussed several videos

of mock assessees and received feedback to develop a common frame of reference (see also Roch et al., 2012).

3.2.3 Measures

Assessment Center Ratings of Personality

Assessors provided ratings of the Big Five traits on behaviorally-anchored rating scales ranging from 1 = very low

expression to 5= very high expression. They were provided with positive and negative behavioral anchors for each trait.

Examples for behavioral anchors were “Talks a lot” (Extraversion), “Shows appreciation for others’ ideas” (Agreeable-

ness), “Proposes a systematic approach” (Conscientiousness), “Stays calm” (Emotional Stability), and “Brings in new

or innovative ideas” (Intellect/Openness). To determine interrater reliability, we calculated one-way random effects

intraclass correlations for eachwithin-exercise dimension rating and averaged these correlations for each trait across

exercises. As shown in Table 3, interrater reliabilities ranged from ICC(1, 2)= .79 (for Agreeableness) to ICC(1, 2)= .87
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(for Extraversion). Across all traits, the mean interrater reliability of a single rater was ICC(1, 1) = .71, and the mean

interrater reliability of ratings averaged across two assessors was ICC(1, 2)= .83.

Inventory-Based Self-Ratings of Personality

Assessees completed a personality inventory online prior to the AC. The inventory comprised 50 items from the IPIP

(Goldberg, 1992) and assessed each Big Five trait with ten items. Assessees were asked to indicate how accurately

each item described themselves on a 5-point scale ranging from 1 = very inaccurate to 5 = very accurate. Example

items are “I feel comfortable around people” (Extraversion), “I sympathize with others’ feelings” (Agreeableness), “I

pay attention to details” (Conscientiousness), “I am relaxed most of the time” (Emotional Stability), and “I am full of

ideas” (Intellect/Openness). As shown in Table 3, internal consistencies ranged from α = .78 (Intellect/Openness) to

.89 (Extraversion). For three assessees, self-ratingswere not available because they registered lastminute and did not

receive the online survey prior to the AC.

Inventory-Based Other-Ratings of Personality from Untrained Raters

Inventory-based other-ratings were obtained from (a) assessees’ friends and (b) fellow assessees at the end of the AC.

We decided to collect other-ratings from these two sources based on insights from different research streams. In the

personality literature, other-ratings areoftenobtained frompersonal acquaintanceswhohadknown the target person

long enough to make adequate personality judgments such as friends (Connelly & Ones, 2010). In the AC literature,

there has been a long tradition of asking assessees to evaluate their fellow assessees (i.e., peers) to obtain a more

complete picture of how assessees are perceived by others (Gaugler et al., 1987).

To obtain other-ratings of personality from friends, assessees were asked to forward the link of an online survey

to two personal acquaintances they knew outside of the work context. We specifically asked for ratings from friends

because we wanted to make sure that raters knew the target person well. Since the survey among friends was not

a mandatory precondition to participate in the job application training, we did not obtain ratings from friends for all

assessees. In total, 275 friends (150 women, 125 men) completed the survey. We collected personality ratings from

two friends for 120 assessees, and another 35 assesses were rated by one friend. The friends’ mean age was 33.92

(SD = 11.16) and most of them (93%) had known the rated assessee for more than a year. The survey comprised the

same 50 items from the IPIP that we used to collect self-ratings of personality, but all items were adapted to the third

person. Internal consistencieswere similar to those for the self-ratings and ranged fromα= .74 (Intellect/Openness) to

α= .89 (Extraversion, see Table 3). The interrater reliabilities of averaged friends’ ratings (ICC1, 2) were .53 (Extraver-

sion), .35 (Agreeableness), .65 (Conscientiousness), .57 (Emotional Stability), and .31 (Intellect/Openness). Across all

traits, themean interrater reliability was .33 for single ratings (ICC 1, 1) and .49 for averaged ratings (ICC 1, 2).

Regarding other-ratings from fellowassessees, personalitywas rated at the endof theACby those fellowassessees

with whom the assessees had interacted with in all three group discussion exercises. Even though the composition of

the groups varied systematically across exercises, there were one or two other assessees who interacted with the

target assessee in every group discussion exercise. Thus, we collected peer ratings from at least one assessee for all

223 assessees, and 153 of them were rated by two of their fellow assessees. The personality inventory comprised

the same items that were also used to collect friends’ ratings. The internal consistencies were similar to those for the

self-ratings and ranged from .77 (Intellect/Openness) to .91 (Extraversion), see Table 3. The interrater reliabilities of

averaged fellow assessees’ ratings (ICC 1, 2) were .68 (Extraversion), .50 (Agreeableness), .08 (Conscientiousness), .15

(Emotional Stability), and .13 (Intellect/Openness). Across all traits, the mean interrater reliability was ICC(1, 1)= .22

for single ratings and ICC(1, 2)= .34 for averaged ratings.

Supervisor Ratings of Job Performance

Assessees were asked to provide their supervisors’ contact details so that we could send them the link to an online

survey. Altogether, 201 supervisors (57 women, 144 men) completed the online survey. Their mean age was 44.36

years (SD= 9.92). Job performance was measured via a 7-point scale ranging from 1= not at all to 7= absolutelywith
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ten items (e.g., “S/heachieves theobjectivesof the job”) fromJansenet al. (2013).Weexcludedone item (“S/heneglects

aspects of the job she/he is obligated to perform”) from the scale because it reduced the reliability of the ratings. The

internal consistency of the remaining nine itemswas α= .91.

4 RESULTS

4.1 To what extent do AC ratings of the Big Five demonstrate construct-related
validity?

According to Hypothesis 1, a factor model specifying the Big Five as dimension factors and AC exercises as method

factors best represents the data structure underlying the within-exercise ratings. To test this hypothesis, we used

Mplus Version 8.1 (Muthén&Muthén, 1998–2018) to conduct a set of CFAs on the ratings of each of the twoACs.We

specified the following six AC models: The first model represented the Big Five as correlated dimension factors and

the AC exercises as correlated exercise factors and is labeled asModel 5D-3E (five dimensions and three exercises) in

Sample 1 and asModel 5D-4E (five dimensions and four exercises) in Sample 2. The secondmodel was identical to the

first butwith a priorimodel constraints (i.e., factor intercorrelationswere constrained to be smaller than one and error

variances were constrained to be larger than zero) to address the common problems of convergence and admissibility

in multitrait-multimethod modeling (Lance & Fan, 2016). This model was labeled 5D-3E-with constraints in Sample 1

and 5D-4E-with constraints in Sample 2. The first two models both reflect the assumptions of Hypothesis 1 because

thesemodels imply that both personality traits and the specific situation (i.e., AC exercises) explain variance in behav-

iors observed in the AC. The third model specified only the Big Five as correlated trait factors only and it was labeled

asModel 5D-0E in both samples. This model assumes that behavioral manifestations of the Big Five do not differ with

regard to the specific situation (i.e., AC exercise). Conversely, the fourth model specified correlated exercise factors

only and itwas labeled asModel 0D-3E in Sample 1 and asModel 0D-4E in Sample 2. Thismodel implies that behaviors

observed in the AC are situation-specific with little consistency across AC exercises. The fifth model specified corre-

lated exercise factors and one general factor (labeled asModel 0D-3E-G in Sample 1 and asModel 0D-4E-G in Sample

2). This model suggests that assessees’ behaviors are situation-specific and that there is also some generalized con-

sistency in behaviors across AC exercises. The general factor can be interpreted as a consistent overall impression of

an assessee (see Ingold et al., 2018; Lance et al., 1991). The sixth model specified the Big Five as correlated dimension

factors, the AC exercises as correlated exercise factors, and in addition one general factor (labeled asModel 5D-3E-G

in Sample 1 and as Model 5D-4E-G in Sample 2). This model implies that personality traits, the specific situation (i.e.,

AC exercises), and an overall impression of the assessee explain variance in behaviors observed in the AC.

Table 2 presents the CFA results for all models. The pattern of results is similar for both samples. For the data from

Sample 1, Model 5D-3E and Model 5D-3E-with constraints produced the same admissible solution, χ2(62) = 105.63,

χ2/df = 1.70, p < .001, CFI = .96, TLI = .94, RMSEA = .05, SRMR = .04, indicating acceptable fit according to refer-

ence values (Schermelleh-Engel et al., 2003). Model 5D-0E did not produce an admissible solution. Model 0D-3E did

not show acceptable fit and model comparisons showed that the hypothesized Model 5D-3E fit the data significantly

better than Model 0D-3E, Δχ2(25) = 271.22, p < .001. Model 0D-3E-G also did not yield acceptable fit. This model

was not nested in Model 5D-3E and a descriptive comparison showed that Model 5D-3E had a lower AIC value than

model 0D-3E-G (11795.93 vs. 11899.41), which indicates thatModel 5D-3E fitted the data better (see Table 2).Model

5D-3E-G did not converge. A constrained version of this model also did not converge. Hence, the hypothesizedModel

5D-3E (with or without constraints) specifying correlated trait factors and correlated exercise factors was the best

fitting model in Sample 1. In this model, 25% of variance was explained by trait factors and 30% was attributable to

exercise factors.

For Sample 2, both Model 5D-4E, χ2(72) = 101.38, χ2/df = 1.41, p = .013, CFI = .98, TLI = .97, RMSEA = .04,

SRMR = .04, and Model 5D-4E-with constraints, χ2(72) = 102.75, χ2/df = 1.43, p = .010, CFI = .98, TLI = .97,
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RMSEA = .04, SRMR = .04, yielded acceptable fit. However, only the model with constraints was admissible. Model

5D-0E did not produce an admissible solution. Model 0D-4E did not show acceptable fit and model comparisons

showed that the hypothesized Model 5D-4E-with constraints fit the data significantly better than Model 0D-4E,

Δχ2(26)= 264.13, p< .001.Model 0D-4E-G produced almost acceptable fit (see Table 2). Thismodel was not nested in

Model 5D-4E-with constraints, and a descriptive comparison showed thatModel 5D-4E-with constraints had a lower

AIC value thanModel 0D-4E-G (8422.32 vs. 8501.17), which indicates thatModel 5D-4E-with constraints fit the data

better. Model 5D-4E-G did not converge. A constrained version of this model did also not converge. Consequently,

Model 5D-4E-with constraints specifying correlated trait factors and correlated exercise factors demonstrated the

best fit. In this model, 33% of variance was explained by trait factors and 35% of variance was attributable to exer-

cise factors. Factor loadings and factor correlations for the best fittingmodels from both samples are presented in the

online supplement (see Tables S3 and S4). Taken together, analyses for both ACs provided evidence for the presence

of latent Big Five dimension factors alongside exercise factors and supported Hypothesis 1.

In addition, we examined the internal data structure of the AC ratings with correlational multitrait-multimethod

(MTMM) analyses (Campbell & Fiske, 1959). The MTMMmatrices for both samples are presented in Tables 6 and 7.

In Sample 1, the mean monotrait-heteromethod (MTHM) correlation was .27, the mean heterotrait-monomethod

(HTMM) correlation was .34, and the mean heterotrait-heteromethod (HTHM) correlation was .13. The MTHM cor-

relation was not statistically different from the HTMM correlation, z = 0.81, p = .209. In Sample 2, the MTHM

correlation was .41, the HTMM correlation was .52, and the HTHM correlation was .27. The MTHM correla-

tion was not statistically different from the HTMM correlation, z = 1.47, p = .070. Thus, MTHM correlations

were not larger than the HTMM correlations in either sample. Yet, MTHM correlations were descriptively higher

than a meta-analytic estimate from Bowler and Woehr (2006) of the mean MTHM correlation in traditional ACs

(.25), and HTMM correlations were descriptively lower than the corresponding meta-analytic estimate for tradi-

tional AC ratings (.53), which speaks in favor of the internal construct-related validity of personality-based AC

ratings.3

4.2 To what extent do AC ratings of the Big Five correspond to self- and
other-ratings of the same traits?

According to Hypothesis 2a, correlations between within-exercise AC ratings and self-ratings of the same traits are

stronger for traits that are more observable in interactive AC exercises (Extraversion, Agreeableness, and Intellect/

Openness) as compared to traits that are less observable (Conscientiousness and Emotional Stability). Table 3 shows

the relevant correlations for Sample 2. To test Hypothesis 2a, we averaged individual correlations using Fisher Z-

transformation across the more observable traits and across the less observable traits, and then compared the

mean correlations for these two types of traits. For the more observable traits, the mean correlation between

AC ratings and self-ratings was r̄ = .20. For the less observable traits, the mean correlation was r̄ = .04. As pre-

dicted by Hypothesis 2a, the difference between the two mean correlations was statistically significant, z = 1.70,

p= .045.

According to Hypothesis 2b, correlations between within-exercise AC ratings and other-ratings of the same traits

are stronger for traits that aremore observable in interactive AC exercises as compared to less observable traits. This

was testedwith ratings from assessees’ friends andwith ratings from fellow assessees. Themean correlation between

AC ratings and friends’ ratings was r̄ = .25 for more observable traits and r̄ = .07 for less observable traits. The differ-

ence between these two mean correlations was not statistically significant, z = 1.69, p = .091. The mean correlation

between AC ratings and fellow assessees’ ratings was r̄ = .40 for the more observable traits and r̄ = .13 for the less

observable traits. The difference between these twomean correlations was statistically significant, z= 3.07, p= .002.

Thus, Hypothesis 2bwas supported for ratings from fellow assessees only. Further analyses on the correspondence of
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AC ratings, self-ratings, friends’ ratings, and fellow assessees’ ratings of personality can be found in the online supple-

ment (see Tables S8 to S12).

4.3 Do AC ratings of the Big Five explain variance in job performance over self- and
other-ratings of the same traits?

According to Hypothesis 3a, within-exercise AC ratings of Extraversion, Agreeableness, and Intellect/Openness

explain variance in supervisors’ job performance ratings over self-ratings of the same traits. As can be seen in

Table 4, results of hierarchical regression analyses per trait revealed that AC ratings of Agreeableness, ΔR2= .02, F(1,

196)= 4.71, p= .031, and Intellect/Openness, ΔR2 = .03, F(1, 196)= 6.72, p= .010, explained a significant proportion

of variance in job performance over self-ratings, whereas AC ratings of Extraversion did not. Thus, Hypothesis 3a was

supported for Agreeableness and Intellect/Openness, but not for Extraversion.

According to Hypothesis 3b, within-exercise AC ratings of Extraversion, Agreeableness, and Intellect/Openness

explain variance in supervisors’ job performance ratings over other-ratings of the same traits. This hypothesis was

tested separately with ratings from assessees’ friends and from fellow assessees (see Table 4). Regarding friends’

ratings, hierarchical regression analyses performed per trait showed that AC ratings of Extraversion, Agreeableness,

and Intellect/Openness did not explain incremental variance in job performance over other-ratings. Regarding ratings

from fellow assessees, we found that AC ratings of Agreeableness, ΔR2= .03, F(1, 198) = 6.36, p = .012, and Intel-

lect/Openness, ΔR2 = .04, F(1, 198) = 9.11, p = .003, explained a significant proportion of the variance in job perfor-

mance over other-ratings, whereas AC ratings of Extraversion did not. Hence, Hypothesis 3b was only supported for

ratings of Agreeableness and Intellect/Openness from fellow assessees.

According to Hypothesis 4, self-ratings of Conscientiousness and Emotional Stability explain a significant propor-

tion of variance in job performance over and above AC ratings of the same traits. Results revealed that only self-

ratings of Conscientiousness explained variance in job performance beyond AC ratings of the same trait, ΔR2 = .02,

F(1, 196) = 4.42, p = .037, but self-ratings of Emotional Stability did not (see Table 4). Thus, Hypothesis 4 was only

supported for Conscientiousness.

RegardingHypotheses 3a, 3b, and 4, we further conducted relativeweights analyses (Johnson, 2000) to determine

the relative contribution of AC ratings, self-ratings, friends’ ratings, and fellow assessees’ ratings towards explaining

variance in job performance. Results correspond to the findings from the previous regression analyses and are pre-

sented in Table 4.

Finally, in addition to our hypotheses, we compared the overall criterion-related validity of AC ratings, self-ratings,

friends’ ratings, and fellow assessees’ ratings of personality. For each of these personality measures, we conducted a

regression analysis predicting job performance from all Big Five traits simultaneously, as shown in Table 5. In favor

of the AC method, AC ratings of all traits collectively explained 7% of the variance in supervisors’ performance rat-

ings, self-ratings explained 3%, friends’ ratings 5%, and fellow assessees’ ratings 3%. Further analyses on the criterion-

related validity of personality-based versus conventional AC dimensions can be found in the online supplement (see

Tables S13 to S17).

5 DISCUSSION

Expanding our knowledge about personality assessment in the work context, this study investigated the AC

method as a behavior-focused personality measure. We built hypotheses based on the SOKA model (Vazire, 2010)

to test the extent that ACs complement established approaches to personality assessment (i.e., inventory-based

self/other-ratings). Our findings offer diverse insights into the upsides and downsides of using ACs to assess

personality.
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TABLE 4 Results of trait-specific regression analyses for predicting job performance

B SE β RW %RW ΔR2 R2

Incremental validity of AC ratings over self-ratings (N= 199)

Extraversion

Step 1 Self-ratings −0.04 0.09 −.03 .00 .00

Step 2 Self-ratings −0.08 0.10 −.06 .002 22.9 .01 .01

AC ratings 0.10 0.08 .09 .007 77.1

Agreeableness

Step 1 Self-ratings 0.14 0.12 .08 .01 .01

Step 2 Self-ratings 0.09 0.12 .05 .005 15.8 .02* .03*

AC ratings 0.21 0.10 .16* .025 84.2

Conscientiousness

Step 1 Self-ratings 0.23 0.11 .15* .02* .02*

Step 2 Self-ratings 0.23 0.11 .15* .022 53.6 .02 .04*

AC ratings 0.16 0.08 .14 .019 46.4

Emotional Stability

Step 1 Self-ratings 0.00 0.10 .00 .00 .00

Step 2 Self-ratings 0.00 0.10 .00 .000 0.0 .03* .03*

AC ratings 0.20 0.08 .18* .032 100.0

Intellect/Openness

Step 1 Self-ratings 0.13 0.12 .07 .01 .01

Step 2 Self-ratings 0.07 0.12 .04 .004 9.7 .03* .04*

AC ratings 0.25 0.10 .19* .035 90.3

Incremental validity of self-ratings over AC ratings (N= 199)

Extraversion

Step 1 AC ratings 0.08 0.07 .08 .01 .01

Step 2 AC ratings 0.10 0.08 .09 .007 77.1 .00 .01

Self-ratings −0.08 0.10 −.06 .002 22.9

Agreeableness

Step 1 AC ratings 0.22 0.10 .17* .03* .03*

Step 2 AC ratings 0.21 0.10 .16* .025 84.2 .00 .03*

Self-ratings 0.09 0.12 .05 .005 15.8

Conscientiousness

Step 1 AC ratings 0.16 0.08 .14 .02 .02

Step 2 AC ratings 0.16 0.08 .14 .019 46.4 .02* .04*

Self-ratings 0.23 0.11 .15* .022 53.6

Emotional Stability

Step 1 AC ratings 0.20 0.08 .18* .03* .03*

Step 2 AC ratings 0.20 0.08 .18* .032 100.0 .00 .03*

Self-ratings 0.00 0.10 .00 .000 0.0

(Continues)
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TABLE 4 (Continued)

B SE β RW %RW ΔR2 R2

Intellect/Openness

Step 1 AC ratings 0.26 0.10 .19** .04** .04**

Step 2 AC ratings 0.25 0.10 .18* .035 90.3 .00 .04*

Self-ratings 0.07 0.12 .04 .004 9.7

Incremental validity of AC ratings over friends’ ratings (N= 147)

Extraversion

Step 1 Friends’ ratings 0.02 0.12 .01 .00 .00

Step 2 Friends’ ratings 0.01 0.12 .01 .000 11.2 .00 .00

AC ratings 0.03 0.09 .03 .001 88.8

Agreeableness

Step 1 Friends’ ratings −0.12 0.15 −.06 .00 .00

Step 2 Friends’ ratings −0.15 0.16 −.08 .005 61.7 .01 .01

AC ratings 0.09 0.12 .07 .003 38.3

Conscientiousness

Step 1 Friends’ ratings 0.20 0.12 .13 .02 .02

Step 2 Friends’ ratings 0.19 0.12 .12 .017 74.8 .00 .02

AC ratings 0.08 0.09 .07 .006 25.2

Emotional Stability

Step 1 Friends’ ratings −0.10 0.12 −.07 .01 .01

Step 2 Friends’ ratings −0.11 0.11 −.08 .006 13.2 .04* .05*

AC ratings 0.21 0.08 .18* .039 86.8

Intellect/Openness

Step 1 Friends’ ratings 0.28 0.17 .13 .02 .02

Step 2 Friends’ ratings 0.25 0.17 .12 .016 66.6 .01 .02

AC ratings 0.10 0.11 .08 .008 33.4

Incremental validity of AC ratings over fellow assessees’ ratings (N= 201)

Extraversion

Step 1 Fellow assessees’

ratings

0.13 0.08 .11 .01 .01

Step 2 Fellow assessees’

ratings

0.09 0.11 .08 .008 59.3 .00 .01

AC ratings 0.05 0.10 .05 .006 40.7

Agreeableness

Step 1 Fellow assessees’

ratings

0.14 0.11 .09 .01 .01

Step 2 Fellow assessees’

ratings

0.08 0.11 .05 .005 13.7 .03* .04*

AC ratings 0.24 0.10 .18* .033 86.3

(Continues)
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TABLE 4 (Continued)

Conscientiousness

Step 1 Fellow assessees’

ratings

0.26 0.16 .11 .01 .01

Step 2 Fellow assessees’

ratings

0.21 0.16 .09 .011 30.9 .02* .03*

AC ratings 0.17 0.08 .15* .024 69.1

Emotional Stability

Step 1 Fellow assessees’

ratings

0.07 0.14 .04 .00 .00

Step 2 Fellow assessees’

ratings

0.02 0.14 .01 .001 1.9 .04** .04*

AC ratings 0.21 0.08 .19** .036 98.1

Intellect/Openness

Step 1 Fellow assessees’

ratings

0.12 0.15 .06 .00 .00

Step 2 Fellow assessees’

ratings

−0.05 0.16 −.02 .002 3.6 .04** .05**

AC ratings 0.30 0.10 .22** .045 96.4

Note. Data stem from theAC thatwas conducted as a job application training; RW= relativeweights of predictors summing up

to R2;%RW= percentages of relative weights summing up to 100%.
*p< .05
**p< .01.

5.1 Which findings speak in favor of assessing personality in ACs?

Four main findings suggest that the AC method is useful for assessing personality traits. First, across two samples,

results provide evidence for the construct-related validity of personality-based AC dimension ratings. This is a note-

worthy finding because evidence supporting the internal construct-related validity of conventional (i.e., non-Big Five)

AC dimensions has typically been lacking (e.g., Lance et al., 2004;Woehr & Arthur, 2003). Previous research sought to

address this issue by improving assessor training and rating approaches (see Lievens, 1998). Although this had some

success, our findings indicate that making changes in terms of what to assess (changing the dimensions assessed in

ACs) might yield larger benefits than adjusting how to assess them.

Second, our findings indicate that assessing the Big Five traits as AC dimensions does not impair the criterion-

related validity of AC ratings. Ratings of the Big Five as AC dimensions were as criterion-valid as ratings of conven-

tional AC dimensions typically examined in prior AC research. Specifically, correlations between AC ratings and job

performance in the present study (i.e., a mean correlation of .17 across all Big Five traits and a correlation of .22 when

using the overall AC score)were comparable to uncorrectedmeta-analytic correlations of conventional AC ratings and

job performance (i.e., .17 and .23 in Hermelin et al., 2007; Sackett et al., 2017).

Third, results imply that ACs have particular potential to capture observable personality traits, namely Extraver-

sion, Agreeableness and Intellect/Openness. Acrossmultiple sources, we found that AC ratings of these traits demon-

strate convergence with self-ratings and two types of other-ratings. This corresponds to previous findings from AC

research indicating that Extraversion, Agreeableness, and Intellect/Openness are more observable in interactive AC

exercises than other traits (i.e., showing a higher trait activation potential; Speer et al., 2015).

Fourth, AC ratings have incremental validity over inventory-based ratings regarding some personality traits. We

found that AC ratings of specific personality traits including Agreeableness and Openness/Intellect explain variance
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TABLE 5 Results of method-specific regression analyses for predicting job performance

B SE β RW %RW R2

AC ratings (N= 200) .07*

Extraversion −0.17 0.11 −.17 .007 9.7

Agreeableness 0.11 0.11 .08 .016 21.4

Conscientiousness 0.06 0.13 .06 .009 11.9

Emotional Stability 0.15 0.10 .14 .019 26.1

Intellect/Openness 0.24 0.16 .18 .023 30.9

Self-ratings (N= 220) .03

Extraversion −0.08 0.10 −.06 .002 6.6

Agreeableness 0.14 0.13 .08 .007 18.8

Conscientiousness 0.22 0.11 .14 .021 59.0

Emotional Stability −0.01 0.10 −.01 .000 0.4

Intellect/Openness 0.12 0.13 .07 .005 15.2

Friends’ ratings (N= 155) .05

Extraversion 0.04 0.12 .03 .001 1.3

Agreeableness −0.15 0.16 −.08 .005 11.5

Conscientiousness 0.21 0.13 .13 .018 40.0

Emotional Stability −0.10 0.12 −.07 .006 12.3

Intellect/Openness 0.23 0.18 .11 .016 34.9

Fellow assessees’ ratings (N= 223) .03

Extraversion 0.16 0.09 .14 .012 36.5

Agreeableness 0.16 0.12 .10 .007 21.1

Conscientiousness 0.27 0.17 .12 .011 34.3

Emotional Stability −0.11 0.16 −.06 .001 3.2

Intellect/Openness −0.13 0.19 −.06 .002 4.8

Note. Data stem from theAC thatwas conducted as a job application training; RW= relativeweights of predictors summing up

to R2;%RW= percentages of relative weights summing up to 100%.
*p< .05.

in job performance beyond inventory-based self-ratings and fellow assessees’ ratings of the same traits. This study is

the first to compare anAC and personality inventories thatwere designed to assess the same constructs allowing for a

fairer comparison of these two assessmentmethods (Arthur & Villado, 2008). The incremental validity of personality-

based AC ratings over inventory-based ratings implies that ACs assess unique performance-relevant information (i.e.,

how personality manifests in behavior in maximum performance settings).

5.2 Which findings speak against assessing personality traits in ACs?

Other findings from our study point towards constraints when using ACs as behavior-focused personality measures.

First, the incremental validity of AC ratings may be regarded as relatively modest. When ACs demonstrated incre-

mental validity, they explained 3–4% of incremental variance in job performance beyond self-ratings and 2–5% of

incremental variance beyond fellow assessees’ ratings. These effect sizes can be categorized as medium or moderate
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according to recent I/O psychology benchmarks for predictions of behavioral outcomes (meta-analytic benchmarks

for correlations range from .10 to .27; Bosco et al., 2015). Although the effect sizes in this study correspond to what

might be expected in our field, some might interpret this as relatively little extra variance in light of the substantial

costs involved in conducting ACs.

Second, whereas AC ratings of certain traits demonstrated incremental validity beyond self-ratings and ratings

from fellow assessees, we found little evidence for ACs’ incremental validity over friends’ ratings. A potential expla-

nation is that AC ratings and friends’ ratings might share performance-relevant information about a target person.

Friends have usually known the target person for a long time and therefore have had the opportunity to observe their

behavior in a great quantity and variety of situations, including both maximum and typical performance settings. This

explanation is supported by significant correlations betweenAC ratings and friends’ ratings for observable traits rang-

ing from .20 to .30.

Third, findings suggest that typical interactive AC exercises are less suited to assess Conscientiousness and Emo-

tional Stability. This is in line with meta-analytic findings show non-significant and near-null correlations for the rela-

tionshipsbetweenconventionalACdimension ratings and these two traits (Meriac et al., 2014). This points to ageneral

limitation of using the AC method as a personality measure, given that Conscientiousness is regarded as a promi-

nent and universal predictor trait in I/O psychology (e.g., Gonzalez-Mulé et al., 2014). One might think that more

cognitively-driven and less interactive AC exercises (e.g., in-baskets or case studies) could be better suited to tap into

Conscientiousness. However, meta-analytic AC results show that correlations between self-ratings of Conscientious-

ness and performance in such cognitively-driven AC exercises ranged merely from .05 to .15 (Hoffman et al., 2015).

Thus, measures other than ACsmight be preferred for assessing Conscientiousness (e.g., structured interviews or sit-

uational judgment tests; Mussel et al., 2016; Van Iddekinge et al., 2005).

5.3 Theoretical implications

Our findings inform theory and research on personality assessment. As a starting point, this study confirms the main

assumption of the SOKA model in an assessment context: different approaches to personality assessment are useful

for assessing different types of traits (see Beer & Vazire, 2017; Vazire, 2010). This implies that construct-method fit is

crucial topersonality assessment. Results demonstrated that theACmethodwas suited for capturingmoreobservable

traits, because AC ratings of more observable traits (i.e., Agreeableness and Intellect/Openness) predicted incremen-

tal variance in job performance beyond self-ratings. Vice versa, a self-rating inventory was mostly suited for tapping

into less observable and more internal traits, because self-ratings of Conscientiousness showed incremental validity

beyond AC ratings. Hence, the trained assessors in an AC as well as the target persons themselves can be regarded as

expert raters, each holding unique knowledge about different personality traits.

Furthermore, our findings point towards a potential extension of the SOKA model, because they suggest that the

assessment/rating method is at least as relevant as the information source (i.e., self vs. others) to understand what a

personality measure can or cannot capture. Our results demonstrated that AC ratings have incremental validity over

ratings from fellow assessees, even though both types ofmeasureswere other-ratingswith little or zero-acquaintance

and relied on the same informational basis. Themain differences between AC ratings and fellow assessees’ ratings are

that AC ratings stem from trained assessors and are based on behaviorally-anchored ratings scales used to evaluate

assessees separately in each AC exercise, whereas fellow assessees’ ratings stem from untrained raters and rely on

traditional personality inventories filled out at the end of the AC. These method differences refer to a method factor

that – in selection research – has been labeled as response evaluation consistency being defined as the level of standard-

ization in scoring the responses to an assessment tool (Lievens& Sackett, 2017). Thus, when applying the SOKAmodel

to assessment settings in I/O, it may be helpful to conceptually extend it with this specific method factor of response

standardization.
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The present findings offer new insights into why other-ratings are often more predictive of job performance than

self-ratings. For a long time, researchers have examined the validities of different types of other-ratings (Connelly &

Ones, 2010;Oh et al., 2011), and twomain explanations for other-ratings’ superiority have been put forward. The first

explanation is that self-perceptions areoften cloudedby impressionmanagement and lackof self-insight,whereasoth-

ers canmore clearly ascertain the target person’s positive and negative characteristics. The second explanation is that

specific other-ratings (such as ratings from work colleagues) are better at predicting job performance because they

know the target person from a context that is closely aligned with the criterion (i.e., the work space) and therefore

have a narrower, more criterion-relevant scope in their perception of the target person (see Connelly & Hülsheger,

2012). Findings from the present study provided insights into this question, because we examined how other-ratings

from different contexts relate to job performance. We found that validities for friends’ ratings were relatively low

as compared to AC ratings. This speaks for the assumption that other-raters who know the target person from a

work-related context (i.e., assessors or work colleagues) are likely to be better at predicting job performance because

they have a clear work-related frame of reference for their ratings.

5.4 Limitations

A first limitation that is inherent in comparing AC ratings and inventory-based self/other-ratings is that different per-

sonality measures typically rely on different numbers of raters. In this study, AC ratings relied on four raters, self-

ratings stemmed from one rater, and inventory-based other-ratings relied on one or two raters (friends or fellow

assessees). This can be problematic because increasing the number of raters improves the reliability of the measure

and in turn its criterion-related validity (following the logic of classical test theory; e.g., Novick, 1966). Thus, differ-

ences in the criterion-related validity of personality measures that rely on a different number of raters could poten-

tially be caused by different levels of reliabilities of those measures. Another limitation is that we focused on job per-

formance as a relatively broad criterion. Thus, we did not match AC ratings of the Big Five traits with more specific

criterion components, and further research is needed to study these relationships. For example, research shows that

linking specific Big Five traits to specific criteria such as counterproductive work behavior, creativity, or teamwork

might increase their criterion-related validity (Bradley et al., 2013; George&Zhou, 2001; Gonzalez-Mulé et al., 2014).

As a final limitation, one of the present ACswas administered as a job application training for research purposeswith a

heterogeneous sample. Assessees held a variety of different jobs. Given that meta-analyses showed that the relation-

ships between personality traits and job performance (and even the direction of relationships) are likely to depend on

the job at hand (Barrick et al., 2001; Hurtz &Donovan, 2000), the heterogeneous samplemay have led to conservative

estimates of criterion-related validity coefficients.

5.5 Practical implications

Although this study showed that we can use ACs in principle as behavior-focused personality measures, the key ques-

tion is whether we should use them as personality measures in practice. Given both the benefits and limitations of

assessing personality traits as ACdimensions, using ACs to assess personality traitsmay be advisable only under some

circumstances. A straightforward implication from our findings is that practitioners should use interactive AC exer-

cises only to assess traits that are directly observable in social interactions. Conversely, for less observable traits, tra-

ditional self-ratings have a good track record of validity for predicting job performance (e.g., Barrick et al., 2001).

Further, administering ACs may often be worth the effort despite the modest to moderate effect sizes we found in

this study. Research on the utility of ACs shows that conducting costly ACs is likely to pay off economically (a) when

assuming that employees selected with ACs will work for the organization for several years and (b) when considering

themonetary value that an employeewill generate for their organization (Cascio&Silbey, 1979; Thorntonet al., 2000).
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Thus, putting in the resources to administer an AC to assess personality seems particularly advisable when stakes

are high; that is, when selecting employees for the long term and for key positions. Examples are personnel decisions

that have longstanding consequences such as higher managerial selection and succession planning (i.e., identifying

leadership talent). Leaders are often selected for the long term, influence employees’ performance and well-being,

and thereby shape organizational success (Ceri-Booms et al., 2017; Montano et al., 2017). Investing resources in an

AC to assess the personality of potential leaders appears valuable, given that a large body of research suggests that

organizations should consider personality when identifying leadership talent (Do & Minbashian, 2020; Judge et al.,

2002).

Conversely, conducting ACs for personality assessment appears less advisablewhen stakes are less high (e.g., when

selecting employees for short-termor less central positions) orwhen less expensive options are available for obtaining

other-ratings of personality. Regarding less expensive options, research showed that inventory-based other-ratings

from acquaintances can validly predict job performance (Connelly & Ones, 2010; Oh et al., 2011). In practice, orga-

nizations could ask applicants to provide contact details from relevant other-raters such as friends, work colleagues,

or previous supervisors – similar to providing references or letters of recommendation (e.g., Taylor et al., 2004). But

it is important to keep in mind that other-raters – across different assessees – might differ in their willingness to pro-

vide accurate personality judgments depending on their personal relationship with the target person. For example,

research found that fakingmight occur in supervisor ratings of personality (König et al., 2017).

5.6 Directions for future research

We envision several avenues for future research to advance personality assessment with the AC method. First,

exploration of other opportunities to assess Conscientiousness and Emotional Stability with more behavior-focused

methods deserves attention because those two traits are relevant across a range of jobs (Barrick et al., 2001). One

option might be to combine AC exercises with structured interviews: After the completion of an exercise, assessors

could ask assessees about how they prepared for the exercise (indicative of Conscientiousness), and how they felt

before/during it (indicative of Emotional Stability). This helps gain insight into assessees’ task-related cognitions and

emotions.

Second, we need to examine how applicants will react tomore behavior-focused assessments of personality. Previ-

ous research indicates that applicants tend to perceive personality assessments as invasive to privacy and unrelated

to their job (Anderson et al., 2010). It is possible that behavior-focused personality assessments are perceived more

favorably because they assess specific behaviors in only job-related situations.

Third, future research should explore how AC ratings complement traditional personality assessments using the

trait-reputation-identity model (TRI model; McAbee & Connelly, 2016). Similar to the SOKA model, the TRI model

assumes that different personalitymeasures contribute unique information about a person’s standing on a personality

trait. The model proposes that personality is defined by (a) the person’s identity (variance in personality ratings that

is only attributable to self-ratings), (b) their reputation (variance that is only attributable to other-ratings), and (c) the

underlying trait (sharedvariance across self- andother-ratings). InvestigatingACratingswithin thismodelwould allow

us to determine whether an AC-specific reputation factor predicts job performance over and above trait factors. This

would provide more evidence for the assumption that the ACmethod taps into performance-relevant manifestations

of personality that are not captured by any other personality measures.

6 CONCLUSION

This study is the first to comprehensively examine the validity of the AC method as a behavior-focused personality

measure to complement traditional personality measures. Our findings support the notion that different personality
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measures are best suited to assess different traits. At a practical level, this study implies that conducting costly ACs to

measure personality seems advisable onlywhen one is interested in assessing personality traits that are observable in

social interactions andwhen the stakes are high.
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