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Abstract. Social media platforms are one of the fastest ways to disseminate
information but they have also been used as a means to spread rumors. If left
unchecked, rumors have serious consequences. Counter-rumors, messages used
to refute rumors, are an important means of rumor curtailment. The objective of
this paper is to examine the types of rumor and counter-rumor messages gen-
erated in Twitter in response to the falsely reported death of a politician, Lee
Kuan Yew, who was Singapore’s first Prime Minister. Our content analysis of
4321Twitter tweets about Lee’s death revealed six categories of rumor mes-
sages, four categories of counter-rumor messages and two categories belonging
to neither type. Interestingly, there were more counter-rumor messages than
rumor messages. Our results thus suggest that, at least in the context of our
study, online users do make an attempt to stop the spread of false rumors
through counter-rumors.

Keywords: Rumor correction + Counter rumor - Social media - Death hoax -
Content analysis - Twitter

1 Introduction

Social media platforms such as Twitter are one of the fastest ways to disseminate
information. Unfortunately, they have also been used as a means to spread rumors and
other forms of misinformation. For example, following the June 2017 terrorist attacks
in London, rumors began circulating online that London mayor Sadiq Khan defended
September 11th terrorists. Such a claim was of course false, and originated from an
unrelated video of the mayor. In Asia, rumors swirled in social media that the ill-fated
Malaysia Airlines flight MH370 from Kuala Lumpur to Beijing actually made a safe
emergency landing somewhere in China, bring false hope to families and loved ones.

Online rumors, if left unchecked, have serious consequences especially if they turn
out to be false. They may negatively impact social media platforms in terms of dis-
seminating accurate information. They may damage the reputations of individuals and



organizations. Finally, they may harm social cohesion. Rumor correction is hence of
utmost importance to control the negative effects from the spread of misinformation.
One way to do this is through counter-rumors. In this paper, counter-rumors refer to
messages used to refute rumors and spread the truth. Prior work suggests that
counter-rumors are effective in combating rumors on the Internet [1]. This is because
exposure to such messages reduces people’s belief in the rumor in question, hence
lowering their propensity to share that rumor [2].

Traditionally, rumors have been tackled by governments, affected organizations
and mainstream news media [3]. However, on social media, the community of users
play this role as well, although results have been mixed. On the one hand, some work
has suggested that online communities are capable of self-correction and self-policing
when presented with dubious information [4, 5], and that counter-rumors may be
effective [2]. On the other hand, some research suggests that counter-rumors could
reinforce misperceptions [6, 7].

One gap that motivates the current research is the relative lack of attention paid to
the content generated by the online community in response to a rumor. For example,
what types of messages do the community spread in a rumor situation? Importantly,
what types of counter-rumor messages do the community create in response? Such
questions are not addressed in existing work. We argue that understanding the nature of
such messages created by online communities would translate into useful insights that
will not only advance research but also benefit individuals and organizations in
rebutting rumors.

Hence, the objective of this study is to examine the types of rumor and
counter-rumor messages generated in Twitter in response to the falsely reported death
of a politician, Lee Kuan Yew, who was Singapore’s first Prime Minister. The rest of
the paper is organized as follows. Literature on rumor and rumor correction is
reviewed. Data collection and analysis methods are next described, and the types of
messages created are then presented. Thereafter the findings are discussed, together
with implications of the work.

2 Related Work

Rumor may be defined as “unverified and instrumentally relevant information statements
in circulation that arise in contexts of ambiguity, danger or potential threat, and that
function to help people make sense and manage risk” [8]. It may also be defined as “a
collective and collaborative transaction in which community members offer, evaluate and
interpret information to reach a common understanding of uncertain situations, to alle-
viate social tension and to solve collective crisis problems” [9]. Put differently, rumors
may be seen as a form of collective sense-making to a community attempting to
understand ambiguous or uncertain situations when official information is lacking [8].
Nevertheless, rumors may negatively impact individuals, groups of people and even
entire nations, depending on the topic, its content and the will of those that disseminate it.

There are a number of methods to neutralize rumors, including ignoring, confir-
mation of the truth, and denial. Ignoring a rumor is considered the weakest method of
all and is used only if the rumor is highly implausible. However, rumors tend to take a



life of their own and may spread uncontrollably. Thus, deliberate correction mecha-
nisms, also known as counter-rumors, may be required [10, 11]. Rumors often carry
some truth and counter-rumors confirming that part of the rumor that is true may be
sufficient to neutralize its impact. Denial is a popular counter-rumor used to refute
rumors [12] but its effectiveness has been questioned [13]. Other rumor coping tactics
include providing the information that is in demand and enhancing trust and credibility
by engaging in public relations [14, 15].

The increased use of social media and other online platforms to share information
means that as an unfortunate side-effect, people have also used them to spread rumors
and other forms of misinformation. This phenomenon has correspondingly attracted
research attention. One stream of work deals with identifying rumors in online mes-
sages. Here, [16] developed and compared classifiers to predict whether images on
Twitter about Hurricane Sandy were real or doctored. In so doing, they demonstrated
that machine learning techniques could be used to identify fake images that may fuel
rumors. Likewise, [17] investigated factors in online social networks that influenced
judgments of information credibility. Using these results, they developed an automated
method to identify and rank credible information sources and users for any given topic.

Another stream of work concerns the effectiveness of counter-rumors to curtail the
dissemination of rumors. For example, [18] examined the effect of exposure to
counter-rumors on people’s decision to spread rumors in social media. They found that
when people were exposed to counter-rumors before rumors, they were more likely to
stop the spread of rumors than when the converse was true. Next, [2] showed that
appropriate message design could reduce the spread of health-related rumors on social
media. This included the use of warnings that the content has appeared in rumor
websites and presenting counter-rumors generated by other users and sources.

While such research advances knowledge, one gap present is the relative lack of
work done in analyzing the actual content of rumor and counter-rumors. We argue that
understanding the nature of such content would lead to a better ways of curtailing the
spread of false information.

3 Methodology

3.1 Background: The Rumored Death of Lee Kuan Yew

The death of an important political leader can significantly impact a country’s social
fabric and its economy. Unsurprisingly, there have been may instances where false
rumors of the deaths of leaders have spread quickly, including Barack Obama and Kim
Jong-Un. If left uncorrected, such rumors may have negative effects.

In this paper, we study the rumored death of Singapore’s first Prime Minister, Lee
Kuan Yew. In February 2015, Lee was admitted to Singapore General Hospital for
treatment for severe pneumonia. Rumors of his passing began circulating on social
media as his conditioned worsened. Things came to a head on 18 March 2015, when a
doctored screen capture of an official announcement of his death, purportedly issued
from the Prime Minister’s Office (PMO), went viral on social media. The fake
announcement stated that Lee, aged 91, had passed away at the Singapore General



Hospital on 5.30 pm that day. As the screen capture resembled official press released
from the PMO, it misled many, including the foreign news media, who prematurely
reported Lee’s passing. Soon after this incident, the PMO responded that the press
release was fake. Subsequent police investigations revealed the culprit of the doctored
screen capture to be a 16 year old student.

3.2 Data Collection

The dataset for this study was drawn from Twitter, the popular microblogging website
for disseminating information and increasingly, for scholarly inquiry into commu-
nicative behaviour [19] such as rumor research. Tweets from 17 March 2015 to 20
March 2015 (inclusive) were harvested using customized software. Specifically, those
with the hashtags #LeeKuanYew and #LKY were downloaded, leading to a sample of
4321 tweets distributed across the four days as depicted in Table 1.

Table 1. Distribution of tweets used in the study.

Date Quantity | Percentage
17 March 2015 | 20 0.46
18 March 2015 | 3135 72.55
19 March 2015 | 829 19.19
20 March 2015 | 337 7.80

The rationale for selecting the four days are as follows: As news of Lee’s worsening
health condition was publicized in the news, people began sharing their concerns,
well-wishes, and rumors on Twitter. This online expression reached its peak on 18
March 2015 [20]. On that same day, the fake announcement of Lee’s death was
released at 2000 h, which led to further spikes in tweets. Soon, a local news channel
(ChannelNewsAsia) announced that it had verified that the image was fake and
debunked the rumor. Other correction tweets sent out by the local newspaper (The
Straits Times) were retweeted widely too. The rumor messages eventually began
subsiding around 2300 h on the same day, and eventually tailed off a few days after.
We hence selected 18 March to collect the tweets, as well as 17 March and 19-20
March, which were the days before and after the main rumor event respectively.

3.3 Coding and Analysis

All tweets were analyzed and coded via an iterative procedure common in content
analysis [21]. The unit of analysis was a tweet. First, each comment was classified
based on categories derived from earlier rumor studies including [22, 23]. Second, for
those not classifiable into these categories, we inductively constructed new categories
by identifying similarities across entries and coding them into logical groupings [24].
This addition of new categories required that entries that were previously categorized
be reviewed to check if they needed to be reclassified. This process was repeated till all
comments could be consistently categorized. Categories and their definitions were



recorded in a codebook where they were fully explained to coders. The final set of
categories and their definitions are presented in Table 2.

In the present study, three coders were independently involved in the content
analysis procedure, and the final intercoder reliability using Cohen’s kappa was found
to be 0.96. This value is above the recommended average [21].

Table 2. Categories of tweets (n = 4321).

Category Description Frequency
(%)

Rumor oriented statements

Belief Expressing one’s belief in the rumor 868 (20.1)
Providing Including information relevant to the rumor 219 (5.9)
Information

Personal Describing one’s experiences in the context of the rumor | 208 (4.8)
Involvement

Apprehensive Expressions of fear, anxiety, dread or apprehension 53 (1.2)
Prudent Cautionary statements used to qualify “hearsay” 21 (0.5)
Counter-rumor oriented statements

Refutation Providing evidence to refute the rumor 1009 (23.3)
Disbelief Expressing one’s disbelief in the rumor 612 (14.2)
Guide Suggesting a course of action to refute rumor 267 (6.2)
Sarcastic Ridiculing others’ beliefs or comments that support the | 140 (3.2)

rumor

Interrogatory Asking questions about the rumor 9 (0.2)
Others

Uncodable Content that is not related to the rumor or spam 454 (10.5)
Appreciation Giving appreciation 427 (9.9)
4 Results

Table 2 divides the categories uncovered into three groups: those that fuelled the
rumor, those that attempted to counter the rumor, and those that did not belong to the
former two. In addition, Table 3 shows the distribution of categories within the rumor
group while Table 4 shows the distribution for the counter-rumor group. A description
of these categories is presented in the following paragraphs, together with excerpts
from relevant tweets.

Within the categories that were rumor oriented statements, it was unsurprising that
the largest number of tweets belonged to the Belief category. This comprised 20.1% of
all tweets in our analyzed dataset as well as 63% among all rumor tweets. Essentially,
these tweets indicated the person’s belief that the rumor was true, that indeed, Lee
Kuan Yew had passed away. It would appear therefore that those who generated such
tweets believed that the doctored image was from the PMO. These tweets contained
prayers, well-wishes or hope for Lee. Examples of tweets include “Wishes from [name



Table 3. Distribution of rumor tweets (n = 1369).

Category Description Frequency
(%)

Belief Expressing one’s belief in the rumor 868 (63.4)

Providing Including information relevant to the rumor 219 (15.9)

Information

Personal Describing one’s experiences in the context of the | 208 (15.2)

Involvement rumor

Apprehensive Expressions of fear, anxiety, dread or apprehension | 53 (3.9)

Prudent Cautionary statements used to qualify “hearsay” |21 (1.5)

Table 4. Distribution of counter-rumor tweets (n = 2037).

Category Description Frequency (%)
Refutation Providing evidence to refute the rumor 1009 (49.5)
Disbelief Expressing one’s disbelief in the rumor 612 (30.0)
Guide Suggesting a course of action to refute rumor 267 (13.1)
Sarcastic Ridiculing others’ beliefs or comments that support the rumor | 140 (6.9)
Interrogatory | Asking questions about the rumor 9 (0.4)

CEINNT3

removed] (-: #LeeKuanYew”, “praying really hard for #LeeKuanYew am really wor-
ried. hear that his condition has worsened”, “Our thoughts go out to #LeeKuanYew
and his family. #LKY. #GetWellSoonMrLee”, and “May you RIP, and you will be
missed. #LeeKuanYew”).

The next two largest categories in this group were Providing Information (5.9% of
all tweets; 15.2% of rumor tweets) and Personal Involvement (4.8%; 15.2%). The
former refers to tweets that include information relevant or in support of the rumor.
Here, the majority of tweets quoted from various sources including traditional media
outlets and non-traditional ones such as blogs and other online platforms. In particular,
to support the notion that Lee had passed away, the tweets focused on verified infor-
mation that he had been ill preceding the death announcement. Examples include a
retweet from another user “MM Lee’s condition has deteriorated further” and a retweet
from a new source “Former prime minister #LeeKuanYew is critically ill, condition has
deteriorated”. The Personal Involvement category refers to tweets that describe the
person’s involvement with the rumor. Unlike Providing Information, this category
contained information from an individual’s perspective, leading to a more personal
touch. For example, a user tweeted a photo of people keeping vigil at the hospital
(Singapore General Hospital - SGH) where Lee was, “The surreal scene at SGH
tonight. Eating. Drinking. Waiting. Repeat. #LeeKuanYew [link removed]”.

The remaining categories in this group of rumor oriented statements were small in
number, with each comprising about 1% or less of the entire analyzed dataset:

e Apprehensive tweets (1.2%; 3.9%) expressed a range of negative emotions such as
fear, dread and anxiety over the death of Lee. In particular, concerns were about the



future of Singapore, as Lee had been instrumental in building the country (“without
him, I'm scared for our future”).

e Prudent tweets (0.5%; 1.5%) were those that expressed caution while providing
information related to the rumor. This sense of hesitancy was probably appropriate
given the momentous event in the country’s history. For example, a user claimed
that there was an announcement from the PMO’s office about Lee’s death, but was
unsure about its existence “There is a photo being circulated on the PMO website
about #LKY. Until I see it up on the site, I'm unable to verify if photo is real”.

In terms of counter-rumor oriented statements, the largest category belonged to
Refutation tweets and it was also the largest among all our uncovered categories at
23.3% of the dataset as well as 49.5% of all counter-rumor tweets. Essentially, these
tweets attempted to debunk the rumor of Lee’s death by providing various forms of
evidence, such as retweeting content from various traditional and new media sources.
Examples include “RT @STcom: PMO lodging police report about fake website
announcing death of Mr Lee Kuan Yew [link removed] #LeeKuanYew” and “#Lee-
KuanYew is dead according to this #PMO website screengrab sent to Redwire. Hoax?
Yes says the PMO. Cops notified. [link removed]”. Closely related to Refutation was
the Disbelief category which comprised tweets expressing skepticism about the rumor.
This was the second largest counter-rumor category at 14.2% of the entire dataset and
30% of counter-rumors. However, unlike the former category, the tweets here did not
provide evidence from other sources but were more personal in terms of expression.
One example would be: “I. LKY is not dead yet. 2. Stop saying he is dead. 3. If you
have nothing better to say about him, don’t say. #LeeKuanYew.

Next, the Guide category (6.2%; 13.1%) referred to tweets which provided
instructions or advice to others about refuting the rumor of Lee’s death. Put differently,
such tweets went beyond providing evidence of the false rumor and included a call to
action for stopping its dissemination. An example of this category is a plea from a user
“Kindly do not spread rumours about Mr #LeeKuanYew. The image that is spreading
is edited from that of Mrs #LKY. [link removed]” while another tweeted “He’s a
person. The media does not pronounce him dead, a doctor does. Until then, stop
Jjumping the gun. #LKY”.

The Sarcastic category (3.2%; 6.9%) contained tweets that ridiculed other users and
tweets that supported the rumor of Lee’s death. Perhaps users were frustrated or
concerned about the spread of the false rumor and poured scorn on those that believed
it. Examples include “Fail. @[name removed] falls for a hoax. #LeeKuanYew” and
“This is how rumors get around. Blind leading the blind. Ugh.”. Finally, Interrogatory
tweets (0.2%; 0.4%) were questions seeking more information about the rumor.
A typical example included “Serious, did #LeeKuanYew die?”” Given the uncertainty
surrounding Lee’s death, the number of questions asked was surprisingly small.

There were also two categories that did not belong to either the rumor or
counter-rumor category that were uncovered during our analysis. First, the Apprecia-
tion category comprised tweets that were thankful of Lee’s sacrifices and contributions
towards nation-building such as “Thankful for Mr #LeeKuanYew. Some people devote
a specific period to doing something, this man devoted his life” and even a simple hash
tag “#ThankYouLKY”. It should be noted that these tweets neither supported that Lee



had passed away or not, but that this rumor reminded them of his work for the country.
Second, the Uncodable category (10.5%) consisted of tweets that were spam, not
meaningful, or not related to the rumor. Examples include a context-less “#LKY”,
punctuation/special characters or links to irrelevant websites.

5 Discussion

The primary objective of the present study was to uncover the types content generated
by the online community arising from a rumor. We used the rumored death of a
Singapore politician, Lee Kuan Yew, as the context of our work and analyzed 4321
tweets harvested from Twitter. Our results yielded the following insights.

First, our analysis showed that there were more counter-rumor messages than rumor
messages. The former comprised 47.14% of the dataset while the latter totaled 31.7%.
This corroborates with prior work that online communities have the potential to correct
misinformation [5] through counter-rumors. Our dataset indicates that as rumor ori-
ented messages started circulating on Twitter in response to the fake announcement of
Lee’s death, other users began posting tweets to stop the rumor. These counter-rumor
messages were predominantly of the Refutation category where evidence from local
news reports were quoted to dissuade those who wrongly believed in Lee’s death. At
the same time, users also posted tweets belonging to the Guide category, telling others
that the rumor was false and that they should not circulate such content further (e.g.
“What’s this fake news being circulated about Mr #LeeKuanYew passing away?
Pls DONT post anything unless you're V'V sure.”). There were also other users who
were frustrated with the rumor-mongering despite the evidence and resorted to posting
tweets in the Sarcastic category to insult those who perpetuated the rumor (e.g. “So
many dumb people that believe he’s dead. #LeeKuanYew”). In sum, the fact that there
Twitter users who actively posted various types of messages to debunk and stop the
false rumor of Lee’s death bodes well for the use of social media to disseminate
counter-rumors.

Next and on a related note, our study highlights the importance of source credibility
in the use of counter-rumors [25]. In particular, Twitter users who posted messages to
debunk Lee’s rumored death extensively retweeted from local news outlets such as the
Straits Times (newspaper) and ChannelNewsAsia (TV news channel), which are
considered authoritative and credible in the Singapore context. It would seem that by
doing so, the hope was that people’s perceptions could be shaped to achieve corrective
behavior, that is, the curtailment of the rumor. Ironically, it was the foreign news
outlets that wrongly believed in the fake announcement and prematurely reported Lee’s
demise. Unsurprisingly, a number of tweets belonging to the Sarcastic category were
directed at them (e.g. “Can’t believe [news outlet name removed] is so dumb not to
verify the source #Singapore #LKY”). This finding also suggests that online users are
able to distinguish between real and fake information even if the sources appear
credible.

Lastly, our analysis reveals an interesting observation that counter-rumor messages
were largely evidence-based while rumor messages were mostly personal opinions.
This is seen in Table 2 where Refutation was the biggest counter-rumor category, while



Belief was the biggest rumor category. As mentioned previously, Refutation messages
provided evidence (e.g. “RT @[name removed]: China’s CCTV official weibo apolo-
gises for unverified news update on #LeeKuanYew. [link removed]”) from credible
sources while Belief messages contained expressions that indicated that the rumor was
true without any evidence (e.g. “RIP.... You will be dearly missed. #LeeKuanYew”).
Put differently, counter-rumor messages were factually driven while rumor messages
were emotionally driven. This finding lends support to prior work [26, 27] that emo-
tions such as anxiety fuel rumor transmission, but also extends such work that
counter-rumor transmission is primarily evidence-based.

6 Conclusion

We contribute to the understanding of how online communities respond to a rumor by
analyzing the content created on Twitter. In particular, we uncovered the various
categories of rumor and counter-rumor messages that were posted, and show that
online users do attempt to correct falsehoods with appropriate evidence from credible
and authoritative sources. Stated differently, counter-rumor messages were primarily
factual in nature, in contrast to rumor messages which were driven by personal opin-
ions, hearsay and emotions.

One practical implication of our work is that social media platforms such as Twitter
are viable outlets to disseminate counter-rumor messages. If organizations and indi-
viduals involved in such activities make a concerted effort in releasing these messages
on social media, other interested users will eventually retransmit them to their social
networks. In so doing, the rumor may eventually be quelled. Further, our results also
suggest that it would be helpful to identify social media users who are active contrib-
utors, and who are inclined to assist debunking rumors. By tapping on their social
networks, counter-rumor messages can be more easily disseminated. In addition, it
would appear that those users who are likely to aid in discrediting rumors are discerning
in terms of the content they read. Therefore, it would be appropriate that counter-rumor
messages are factual and informative in nature, rather than emotionally charged.

There are some shortcomings that could limit the generalizability of our findings.
First, only one microblogging site, Twitter, was examined. Users of other microblogs
might have different usage patterns requiring separate investigations. On a related note,
only one death hoax (albeit a significant one) was studied — that of Lee Kuan Yew.
Other individuals or rumor events may yield different types of content generated.
Further, our results are constrained by data (tweets) that is openly available on Twitter
and without any clarifications with the tweet creators. For future research, our study
could be extended by examining other events such as natural disasters, health crises,
organizational crises, and draw comparisons of rumors and counter-rumors across each
type. Further, extending this study to other types of social media platforms such as
Facebook would be helpful. Next, it would be worthwhile to investigate how the rumor
and counter-rumor messages actually spread across individuals’ social networks.
Finally, while we studied rumor and counter-rumor messages from the perspective of
the content creators, it would also be useful to study the perspective of the content
consumers, and understand the impact of such messages on opinion and behavior.



Acknowledgement. This work was supported by the Ministry of Education Research Grant
AcRF Tier 2 (MOE2014-T2-2-020).

References

10.

11.

12.
13.
14.
15.

16.

17.

18.

. Bordia, P., DiFonzo, N., Haines, R., Chaseling, E.: Rumors denials as persuasive messages:

effects of personal relevance, source, and message characteristics. J. Appl. Soc. Psychol. 35,
1301-1331 (2005)

. Ozturk, P., Li, H., Sakamoto, Y.: Combating rumor spread on social media: the effectiveness

of refutation and warning. In: Proceedings of the Hawaii International Conference on System
Sciences, pp. 2406-2414. IEEE Press (2015)

. Donovan, P.: How idle is idle talk? One hundred years of rumor research. Diogenes 54,

59-82 (2007)

. Shklovski, I., Palen, L., Sutton, J.: Finding community through information and

communication technology in disaster response. In: Proceedings of the 2008 ACM
Conference on Computer Supported Cooperative Work, pp. 127-136. ACM Press (2008)

. Starbird, K., Maddock, J., Orand, M., Achterman, P., Mason, R.M.: Rumors, false flags, and

digital vigilantes: misinformation on Twitter after the 2013 Boston Marathon Bombing. In:
Proceedings of iConference 2014 (2014)

. Nyhan, B., Reifler, J.: When corrections fail: the persistence of political misperceptions.

Polit. Behav. 32, 303-330 (2010)

. Schwarz, N., Sanna, L.J., Skurnik, I., Yoon, C.: Metacognitive experiences and the

intricacies of setting people straight: implications for debiasing and public information
campaigns. Adv. Exp. Soc. Psychol. 39, 127-161 (2007)

. DiFonzo, N., Bordia, P.: Rumor Psychology: Social and Organizational Approaches.

American Psychological Association, Washington, DC (2007)

. Oh, O., Agrawal, M., Rao, H.R.: Community intelligence and social media services: a rumor

theoretic analysis of tweets during social crises. MIS Q. 37, 407426 (2013)

Bernard, S., Bouza, G., Piétrus, A.: An optimal control approach for E-rumor. Revista
Investigacion Operacional 36, 108-114 (2014)

Tripathy, R.M., Bagchi, A., Mehta, S.: A study of rumor control strategies on social
networks. In: Proceedings of the 19th ACM International Conference on Information and
Knowledge Management. ACM Press (2010)

Rosnow, R.L.: Communications as cultural science. J. Commun. 24, 26-38 (1974)
DiFonzo, N., Bordia, P., Rosnow, R.L.: Reining in rumors. Org. Dyn. 23, 47-62 (1994)
Kimmel, A.J.: Rumors and Rumor Control. Lawrence Erlbaum Associates, Mahwah (2004)
Kimmel, A.J., Audrain-Pontevia, A.: Analysis of commercial rumors from the perspective of
marketing managers: rumor prevalence, effects, and control tactics. J. Mark. Commun.
16, 239-253 (2010)

Gupta, A., Lamba, H., Kumaraguru, P., Joshi, A.: Faking sandy: characterizing and
identifying fake images on Twitter during hurricane sandy. In: Proceedings of the 22nd
International Conference on World Wide Web, pp. 729-736. ACM Press (2013)

Canini, K.R., Suh, B., Pirolli, P.L.: Finding credible information sources in social networks
based on content and social structure. In: 2011 IEEE Third International Conference on
Social Computing, pp. 1-8. IEEE Press (2011)

Tanaka, Y., Sakamoto, Y., Matsuka, T.: Toward a social-technological system that
inactivates false rumors through the critical thinking of crowds. In: Proceedings of the 46th
Hawaii International Conference on System Sciences, pp. 649-658. IEEE Press (2013)



19.

20.

21.

22.

23.

24.

25.

26.

217.

Kwak, H., Lee, C., Park, H., Moon, S.: What is Twitter, a social network or a news media?
In: Proceedings of the 19th International Conference on World Wide Web. ACM Press
(2010)

Lin, Z., Pazos, R., Benites, Y.: 1923-2015 Lee Kuan Yew: How the Twittersphere reacted to
the news (2015). http://leekuanyew.straitstimes.com/ST/recap/index.html. Accessed 5 Aug
2015

Neuendorf, K.A.: The Content Analysis Guidebook. Sage Publications, Thousand Oaks
(2002)

Bordia, P., DiFonzo, N.: Problem solving in social interactions on the internet: rumor as
social cognition. Soc. Psychol. Q. 67, 33-49 (2004)

Pendleton, S.C.: Rumor research revisited and expanded. Lang. Commun. 18, 69-86 (1998)
Heit, E.: Properties of inductive reasoning. Psychon. Bull. Rev. 7, 569-592 (2000)

Oh, O., Kwon, K.H., Rao, H.R.: An exploration of social media in extreme events: rumour
theory and Twitter during the Haiti earthquake 2010. In: Proceedings of the International
Conference in Information Systems (2010)

Allport, F., Lepkin, M.: Wartime rumors of waste and special privilege: why some people
believe them. J. Abnorm. Soc. Psychol. 40, 3-36 (1945)

Liu, F., Burton-Jones, A., Xu, D.: Rumors on social media in disasters: extending
transmission to retransmission. In: Proceedings of the 18th Pacific Asia Conference on
Information Systems (2014)


http://leekuanyew.straitstimes.com/ST/recap/index.html

	An analysis of rumor and counter-rumor messages in social media
	Citation
	Author

	An Analysis of Rumor and Counter-Rumor Messages in Social Media
	Abstract
	1 Introduction
	2 Related Work
	3 Methodology
	3.1 Background: The Rumored Death of Lee Kuan Yew
	3.2 Data Collection
	3.3 Coding and Analysis

	4 Results
	5 Discussion
	6 Conclusion
	Acknowledgement
	References


