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Asymptotic Dynamics and Value-at-Risk of Large

Diversified Portfolios in a Jump-Diffusion Market *

Lim Kian Guan, Liu Xiaoqing, and Tsui Kai Chong T

September 2003

Abstract

This paper studies the modelling of large diversified portfolios in a financial
market with jump-diffusion risks. The portfolios considered include three cate-
gories: equal money-weighted portfolios, risk minimizing portfolios, and market
indices. Reduced-form dynamics driven jointly by one Brownian Motion and one
Poisson process are derived for the asymptotics of such portfolios. We prove that
derivatives written on a portfolio can be priced by treating the asymptotic dynam-
ics as the underlying process if the number of assets in the portfolio is sufficiently
large. Analytical and Monte Carlo Value-at-Risk (VaR) can be computed for the
portfolios based on their asymptotic dynamics.

Keywords: Brownian Motion, Portfolio Process, Asymptotic Dynamics, Jump-Diffusion

*The authors would like to thank colleagues at the Singapore Management University and the NUS
Center for Financial Engineering, and also Professor Eckhard Platen for many useful comments. The
authors are also grateful to the two referees who made such a careful reading of the manuscript and
provided us with very helpful comments. Partial funding support by the Institute of High Performance

Computing is also gratefully acknowledged.
tFirst and third authors, in alphabetical order, are Professors of Finance from the Business School,

Singapore Management University. Second author was from the Mathematics Department of the Na-
tional University of Singapore, and is currently on the Quantitative desk of the Development Bank of
Singapore. All correspondence can be addressed to the first author at School of Business, 469 Bukit
Timah Road, Singapore 259756, or email kglim@smu.edu.sg. Tel: 65-68220703; Fax: 65-68220777



1 Introduction

Reducing risk by diversification as introduced in H. Markowitz (1959)’s seminal work
is the basic idea behind modern portfolio theory (MPT). W. Sharpe (1964) and J.
Lintner (1965) considered economic equilibrium in MPT and developed the Capital
Asset Pricing Model (CAPM) in which asset risks are dichotomized as non-systematic
(or diversifiable) risk and systematic (or non-diversifiable) risk. The CAPM has a
powerful implication that only systematic risk matters in asset pricing. Under the
CAPM model, non-systematic risk is eliminated as the number of assets grows. The
single-period CAPM was later extended to an intertemporal model through the use
of lognormal asset price diffusion processes by R. Merton (1973). T. Bjork and B.
Néslund (1998) introduced asymptotic assets, or infinitely diversified portfolios, into
the model and studied the absence of asymptotic arbitrage and the resulting market
completeness.

The asymptotic assets in T. Bjork and B. Néaslund (1998) are idealized instruments
for research purpose. In reality they refer to large-scale portfolios held by mutual funds
or banks, and financial indices (eg. S&P 500, Nikkei 225, NASDAQ 100) constructed as
proxies of market movements and so on. The study of the rate of convergence of such
portfolios and indices to their asymptotic forms under different probabilistic meanings
is presented in a rigorous mathematical framework in N. Hofmann and E. Platen (2000).
They considered a financial market with asset price dynamics modelled by a system of
lognormal stochastic differential equation (SDE) and derived an SDE, also lognormal,
for the asymptotic dynamics of large diversified portfolios of such assets. However, the
lognormal assumption about asset price is not adequate to describe the well-known
fat-tail empirical characteristic of asset returns. The latter is believed to be caused by
jump risks due to rare events in the market. M. S. Gibson (2001) recently developed
a methodology to incorporate event risk into VaR and implemented it in an empirical
application. D. Duffie and J. Pan (2001) also employed assumptions of portfolios with
multi-factor jump-diffusion asset returns, and derived analytical approximation of the
VaR.

Our paper extends the results of N. Hofmann and E. Platen (2000) in several dimen-
sions. We present a more realistic financial model that incorporates jump risks of the
market or individual assets. The portfolios may include basic or derivative instruments
with defaultable counterparties. The jump-diffusion of individual assets are then shown

to aggregate to similar portfolio characteristics that accommodate fat-tail return distri-



butions. We also investigate three important types of portfolios with definite economic
significance. They are equal money-weighted portfolios, risk-minimizing portfolios, and
financial indices. We are able to characterize directly the asymptotic processes of these
portfolios, and thus provide a convenient and tractable way of measuring Value-at-Risk
for purpose of bank risk management.

Hofmann and Platen (2000) provide results of convergence in the logarithm of port-
folio values. This is useful for the study of the long-term behavior of large diversified
portfolios as the processes of the logarithms are approximately Gaussian and exhibit
the regular properties of linear growth in trend and variance. However the payoff func-
tions for derivatives are conventionally defined on the values of the underlying variable
instead of their logarithms. It is not straightforward to apply the convergence theo-
rems by Hofmann and Platen to the approximation of derivative prices. We tackle this
problem by directly working on the strong convergence and also weak convergence in
portfolio values rather than in their logarithms.

In addition to testing the pathwise convergence, we also investigate the effect of
replacing large diversified portfolios by their respective asymptotic dynamics in the
valuation of exotic options and the estimation of portfolio VaR by Monte Carlo method.

The rest of the paper is organized as follows. Section 2 describes the market spec-
ifications and defines three categories of large-scale portfolios with distinct economic
significance. Section 3 provides derivations of the asymptotic dynamics of the three
categories of portfolios. Proofs of the different orders of convergence for large diversi-
fied portfolios to their asymptotic values in the weak and strong senses are provided.
Section 4 derives an analytical formula for the tail probability of portfolio returns. Sec-
tion 5 tests the theoretical results in the previous sections by simulation. Section 6

contains the conclusions.

2 Market specification of the problem

We consider a financial market of d assets, whose prices at time ¢ are denoted by
X}, i=1,---,d. Suppose that the asset prices are modelled by the following stochas-
tic differential equations on a complete probability space (€2, F, P) equipped with a
filtration (F})i>o0:

dX; = oi(t)X{dt+ Bi(t) X{dW + ~i(t) X{dW} (1)
+6;(t—)X}dNY + 0;(t—)X[dN}, t€0,T],
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where W} and N} , i = 1,---,d, are Brownian motions and Poisson processes with
intensities \; respectively, and these 2(d +1) stochastic processes are independent.
The coefficient functions in (1) are assumed to be sufficiently smooth and subject to an
upper bound and a lower bound! independent of d on finite interval [0, 7]. In the above
characterization, we may think of the Brownian motions W and W} as representing
the sources of systematic and non-systematic white noises. As a non-trivial extension
to the existing literature, we introduce the Poisson processes N and N; in this paper
to represent sources of systematic and non-systematic jump risks.

Let gi >0, 1=1,---,d, be finite numbers of shares invested in assets 7 at time .

Then the value of this portfolio is:
d . .
Vi=> giX] (2)
i=1

and the weighted cash amount invested in asset ¢ at time ¢ is:

9iXi
wp = .
! Vi
Under the self-financing constraint:
d . .
AV => gidX} (3)
i=1

the dynamics of V; is governed by the following stochastic differential equation:

d d
Vi = 6y Vidt + BVidWP + > 4{VidWi + 6, VidN} + > 0;_VidNy, (4)

i=1 i=1
where 6y = S0 ai(t)w, B = YLy i), 4f = vi(D)wf, 6 = S0, Si(t—)wj , and
0i = 0;(t—)w!, represent the appreciation rate, the aggregated white-noise volatility,

the asset i -specific white-noise volatility, the aggregated jump size, and the asset i-

specific jump size respectively. Let L; = In(V;/Vp). By Ito’s formula on jump-diffusion

!Throughout the paper, this is essentially a boundedness condition as in Arnold (1974). Given
smooth time-functions, boundedness is guaranteed within a finite time interval as is the case in this
paper. The coefficients could grow at a rapid rate with time within the time interval. Boundedness
and measurability also ensure that a unique continuous solution to the stochastic differential equation

exists.



processes (see Ikeda and Watanabe(1981)), L; satisfies the following stochastic differ-

ential equation:
1 1< 2 d
. - . N
dLe = |ae— 50 -5 ()" + > Aln <1+0;_>

i=1 =1

dt (5)

d d
FHAWE + 3 AdW; +In (146 ) AN + 3 In (146 ) aiv;,
=1 =1

where Nt’ = N} — A\t are the compensated martingale processes of Nf. In this paper,

we study three important categories of large diversified portfolios.

(I) (Almost) equal money-weighted portfolios:

An almost equal money-weighted portfolio is a portfolio satisfying the following

condition for i = 1,--- ,d, t € [0,T], and some constant § > 0 :
wy — d‘ < 2 a.s. (6)

This condition is proposed in Hofmann and Platen (2000).

(IT) (Almost) risk-minimizing portfolios:
A risk-minimizing fully invested portfolio is achieved by the following risk-averse
strategy (w'(t),- - ,w?(t)):

min f(w!(t), - ,wi(t))

d .
D wit) =1,
=1

where the quadratic objective function,

d 2 d 2
f(wl(t%m ,wd(t)> = [Zﬂi(t)wi(t) + Xo Zé,(t—)wi(t)] (8)
1=1 i=1
d A ) d ‘ )
+2 [ O] + D xi [Bit-)w (0]
=1 i=1

reflects the magnitude of the overall risk at ¢. This quadratic function is the variance



of the portfolio return in (5). By solving the Lagrangian multiplier equations

0 d i |
awi(t) [f (wl(t),'.. 7wd(t)> + ¢ (;w (t)—l)] =0,i=1,---.,d

d (9)
D Wity —1=0,
i=1
we obtain the solution to the optimization problem in (7) to (9):
; t 20;(t t 2X00;(t— t
i) = S+ 2B0)en(0) + 2t 0

2ai(t) ’
where

a;(t) =7 (t) + Xt} (t-),
and ((t), c1(t), ca(t) solve the following simultaneous linear equations:
d

c1(t) + Ao Z Or(t-)

0 0

T
cat) + ) ¢(t) = -1

d_ -1
wi(t):(ai(t)zak(t)) , (11)

k=1

which corresponds to the strategy that minimizes the total non-systematic risk.

An almost risk-minimizing fully invested portfolio is a portfolio (wf,--- ,wf) that

satisfies the following conditions for i = 1,--- ,d, ¢t € [0,7T], and some constant § > 0 :
i i 0

|wi — w'(t)] < 7 as (12)

Lemma 1: Suppose there exists a constant § > 0 independent of d, such that

<4 (13)



fori<yj, i, je{l,---,d,}, t €[0,T]. Then we have
i ¢
thE’ i=1,---,d, t €[0,7T], (14)
where C' > 0 is a constant independent? of d, and w!’s are given in (11).

The proof of the lemma is straightforward. We can show using the triangle inequal-
ity via (12) that w} < Wi(t) + C%. (11) and (13) together imply w’(t) < w'(t). If we
let wl(t) = %l where C’ is some finite constant, then all the w’(¢)’s will be bounded by
‘5ij/. Then, wi < 5@%. Put C as the generic constant §°C’ + §. The result of this

lemma is useful for proving the convergence of the portfolios to their respective asymp-

totics. One can arrive at conclusions similar to Lemma 1 for more general strategies in

category II by imposing suitable boundedness conditions on the coefficient functions in
(1).

(III) Financial indices:
Indices can be regarded as portfolios with time-constant strategy ¢g¢ = g¢'. They
are often used as proxies of market portfolios in financial studies and as underlying

benchmarks for derivative products.

Lemma 2: Suppose (i) there exists a constant ¢ > 0 independent of d such that

wh

7 <0, (15)
“o
fori <j, i, j€{1,---,d,}, and (ii) all the coefficient functions in (1) have upper and

lower bounds independent of d on [0,7]. Then there exists a constant C' independent

of d such that the following estimate holds for ¢,j =1, - ,d:

E{%}SG (16)

2In this article we use C to denote generic constants. They may represent different values in different

contexts.



Proof of Lemma 2: Let Yt” = % and FE; ;(t) = E{Y:J} By Ito’s formula, we have
t

dY?’J
}/tlz.]

= [au(t) — as(t) + B3(t) + (1) — B;(1)B;(t)] dt
+ (Bi(t) — B; () AW + 7 (£)dW] — ~;(t)dW
0;(t-)

(MF»_®“_MNP+&@—MN}— J

TS ) 1+0;(t-)

dN7 .

Since stochastic integrals with respect to W/ or N} are martingales, it is easy to show
that
dE; ;(t) = Hij(t) B j(t)dt,

where

Thus by (ii) we have
i\ R i
Eij(t) = [ 20 ) 6 Huao)ds < 020 (17)
X X

for some constant C’ > 0 independent of d. It follows from (15) and (17) that

o )
with C' = C'6.
Q.E.D.

Lemma 2 shows that the weighted values of different components of an index will
be of a similar order of magnitude if they start from a comparable state. It follows

from Holder’s inequality that

—_
I
&
~//
L&
N——
[
VR
N——
N
INA
&
—N—
—
—
£ &
—



or

By (16), we have

1 d
Pl X
7j=1
This result is analogous to Lemma 1.

3 Asymptotic dynamics of the portfolios

It has long been accepted that non-systematic risks are fully diversifiable when the
number of assets d tends to infinity, but it was only until recently that Hofmann and
Platen (2000) gave a rigorous proof to this conclusion in a setting of lognormal prices.
They showed the asymptotic convergence in terms of the logarithm values of the port-
folios. The results are suited for long-term investigation of the portfolios. But if we
want to study the effect of replacing large diversified portfolios with their asymptotic
dynamics in derivative pricing, we have to consider the convergence in the portfolio
values rather than in their logarithms. In fact, the difference between the convergence
in values and convergence in log-values is not mathematically trivial. For example, it
is proved in Hofmann and Platen (2000) for the diffusion case that, if f € ®%, where

dr f

3 :{f:R—>R‘ dn, s.t. W(x)

<C(1+|z|"),for k=0,--- ,3.},

then the following estimate holds for the log-value of a portfolio L and that of the

respective discrete asymptotic portfolio L with step size A:

E(f(Lr) - E(f(L))| < C4(T) (; + A> .

But if h are the payoff functions for derivatives such as futures and options, then
the function f implied by the relationship h(Vyexp(Lr)) = f(Lr) does not satisfy
the polynomial growth condition of @?j;. The aim of this section is to derive strong
convergence and weak convergence results on the portfolio values directly so as to

ensure the corresponding convergence in derivative pricing.



In order to simplify (4) for analyses involving V; and for computation of VaR as
well as derivative pricing, we introduce a more tractable SDE driven merely by W2 and
NP

— = a(t)dt + Bt)dW + 6(t—)dN? (18)
t
with V5 = V) and the coefficients corresponding to the three categories of portfolios

given as follows.

(I) (Almost) equal money-weighted portfolios:

SHN

d d
Stailt), alt)=a(t) + > Abi(t-), (19)
i=1

ISR

d d
B = LS80, S =53 6.
=1

d d
a(t) = Y w(ai(t), pt)=alt)+d ' ([Hrbi(t-), (20)
i=1 =1
) = WA, Ht-)=3 Wit (-).
i=1 =1
where w'(t), i = 1,--- ,d, are given in (10). If all the coefficient functions in (1) have

upper and lower bounds independent of d on [0, 7], then by (6) and (12), we have

6) & < © (21)

for categories I and II, where C' > 0 is a constant independent of d, ¢(t) stands for
a(t), B(t), and 6(t—), and ¢; stands for ay, B¢, and 0;_.

(IIT) Financial indices:

Following the same treatment on the previous two categories of portfolios, one can



formulate the coefficient functions for the SDE of index portfolios as follows:

at) = ) ai(t), At =a()+ 3 L), (22)

iy d iy
) = S I, b= T
i=1 !

However this does not ensure that the SDE (18) is self-containing as X} are involved in
the coefficient functions in (22). Therefore, equation (18) cannot serve as a satisfactory
simplification of the equation (4). To derive an SDE which is free of all the asset-
specific risks for the asymptotic dynamics of the portfolios, we introduce the following

jump-diffusion processes X} as follows to replace X;:
dX; = a; () X[dt + Bi(t) X dW} + 6;(t—) X AN} (23)
with )_(8 = X(i)77 i1=1,---,d, and a portfolio
d . .
=> 4'X|. (24)
i=1

V; satisfies (18) with

d i< i

at) = Zgé{tai(t), +ZgXtA6 (25)
i=1 't

> . ngtl ) 5 ) — d g’Xg(; -

B(t) 2.7, Bi(t), o(t—) 2., i(t—)

We shall prove that V; approximates V; at the same convergence rate as the portfolios
in the other two categories approximate their counterparts.
Let Ly = In(V;/V,). By (18) and Ito’s formula, L; satisfies the following SDE:

dL; = [ﬁ(t) - ;BQ(t)] dt + B(t)dWy +1In (14 5(t—)) dN;. (26)

For a semimartingale Z; given by the SDE:

d d
dZ, = Adt + ) BldWj + Y Cj_dN}, (27)
i=1 i=1

10



we define
d d

1 92 i
MZ)= At 53 (B) + N (eth - 1) .
i=1 =1
Lemma 3: If there exists a constant ¢ > 0 such that

AZ) <0 as.

then the semimartingle Z; in (27) satisfies
E {eZO} e T <E {eZT} <FE {eZO} T (28)
Proof of Lemma 3: Let Y; = . By Ito’s formula,

d d _
A+ % S >N (e - 1)] dt

dyy = YZ{
i=1 i=1

d d
+ " Biawi + 3"\ (eCL _ 1) ng} .
=1 1=1
Thus

T
E{vr} = E{YOHE{/O Y,

A+ ;zd: (B)” + zd:Ai (ecf— - 1)] dt}

i=1 i=1
T
< B(a}+8 [ B(V)ds
0
By Gronwall’s inequality we have
E {eZT} <FE {eZO} O
The other half of (28) can be proved similarly.

Q.E.D.

Theorem 1: Suppose (i) all the coefficient functions in (1) have upper and lower

bounds independent of d on [0,7] and (ii) portfolios of categories I-III satisfy the

11



conditions (6), (13) and (15) respectively. Then there exists a constant C' > 0 such
that

E{|Vr—vil} < <.

Vd

Proof of Theorem 1 for categories I and II: We take category I as an example.

(29)

The proof for category II can be accomplished by using the same approach and Lemma
2.
It follows from Holder’s inequality that

(o)) 0)
j
< W (E {eQiT})% (1 —2F {eLT—ET} +E {62(LT—ET)})5 .

Since L; satisfies (26), by condition (i) we have

E{|Vp = Vp|} = E{

- et (1)

A (2Ly) = |23(t) + B2 () + Xod(t—) (6(t—) +2)| < C

for some constant C' > 0. Thus we obtain the following boundedness by applying Lemma
3:
E{e?r} < O, (31)

where C' is dependent on 7" but independent of d. (5) and (26) yield that,

d d
d(L; — L) = [&t —alt) — é (B,? — B%)) - %Z AiIn (1 + éi(t—)) - %Z (%)2] dt
=1

i=1

d
+ (B = Be)) aw + Y siawi

=1

+ [ln (1 + &_) —In(1+ S(t—))} dN? + zd:ln (1 + ég’_) dN.
=1

12



By (6), (21) and condition (i), it is not difficult to show that,

‘A (L¢ — I_/t)‘ = |a —a(t) + B(t) (B(t) — Bt) + Aow‘ztg))
+§Ai {éi_ — %m (1 + e}-(t—))] < g

and

A@(L—L))| = 20 —a@)+ (B —380) (B) - B»))

4 (2 + 0 + S(t—)) (&5_ - 5t—)
+;(%)2+>\0 (1+5(t—))2

+ZZ;/\,~ [(9}')2 +2 (ég’ - éln (1 + @(t—)))]

for some constant & > 0. Then it follows from Lemma 3 that

T )
E {eLT*LT} > e*TT,

E{€2(LT—ZT)} < e%T'

When d is sufficiently large, there exist a constant C' > 0 dependent on 7" but indepen-
dent of d such that

1-2B {etr=Er} 4 p{er—Inl <1 - 207 T 4 e < (32)
The result (29) follows from (30) to (32).

Q.E.D.

Proof of Theorem 1 for category III: For parsimony in notations, we rewrite the

portfolios (2) as follows:

d
Vi=> o AIBf,
k=1

13



k
wo‘/(h

oxp [ (o) = 368000+ o) Y [ utorawt + [ s+ iy an]

L o

exp [/Ot (—27k(8) - )\kﬁk(s—)> ds + /Ot e(s)dWE 4 /Ot In (1 + 64 (s—)) de] .

It follows from Ito’s formula that BJ solves the SDE:

BE =1

dBF = ~(t)BEAW} + 6, (t—)BFANF,

and is a martingale. Therefore, it is easy to show that

E{BF}=1,tec[0,T].

Let Y; = (Bf)z. By Ito’s formula, we have

dYy = (VE(t) + M2 (1)) Yadt + 2y()Y2dWF + (07(t—) + 205, (t—)) Y:dNF.

Solving the resulting ordinary differential equation for E{Y;}, we obtain

E { (B:?)?} = exp </OT (V2(t) + M2 (t—)) dt) .

Likewise,

{(a)"} =ew ([ " [2(0n(0) + MB(t-)) + G0 + o (530-) + 264(6-) ).

. d . . .
Since { N}, W}} p—o are independent, we can estimate the difference between Vr and

Vr as follows.

E{(Vr —Vp)?}

_ E{ iam; (Bgal)r}

k=1

14



d

- S e { () ) {1 )

1
+2Y ok’ E {AZ}A’;J} E {Bgi - 1} E {B{;’ - 1}
k£k!

I
M=~

k\2 4 _ 2 204 _
(a*)2 exp O [2 (e (t) + M (t=)) + B(E) + Ao (52(t—) + 205(t—))] dt

x [exp < /O " R0 + M) dt> - 1]

d i 9
!
S C kEZI (WO) s

where ¢’ > 0 is a constant dependent on T but independent of d. Since (15) implies

i
L

thatwégg, 1=1,---,d, we have

_ 52
E{(Vr —Vp)?} < T
or C
E{|lVr—Vp|t < —
{} T T‘}—\/g
with C = §v/C".

Q.E.D.

Remark: The convergence stated in Theorem 1 is called strong convergence in the ter-
minology of numerical SDE. The strong convergence ensures the rationality of replacing
V; by V; in applications such as scenario simulation and stress testing. But it is not
always necessary in all situations. For instance, in pricing vanilla European options,
we are only concerned about the weak convergence, i.e. the convergence of expected
functionals of V; to those of V. It is straightforward to derive a weak convergence of
order O <%) However, the following theorem shows that the weak convergence can
be of higher order.

15



Theorem 2: Suppose (i) all the coefficient functions in (1) have upper and lower
bounds independent of d on [0,7] and (ii) portfolios of categories I-III satisfy the
conditions (6), (13) and (15) respectively. Then for any f in the set3

d f

@%E{ftR—)R' In, s.t. @(CII)

<C(+ |=") fork:O,---,Q.},

there exists a constant C' > 0, dependent on f and T but independent of d, such that

the following estimate holds:

&\Q

|E{f(Vr) — f(Vp)}| <

Proof of Theorem 2 for categories I and II: We show the proof of category I. The
proof can be easily adapted to category II.
For f € ®%, the functional u(t,z) = E{f(Vr)|V; =} solves the Kolmogorov

backward integro-differential equation

LO(t,x) =0
(33)
u(T,a;) = f(x>7
where
LOu(t, ) = 881& + a(t)x gu ﬁz( t)z 22 Z + o [ (t,x—i—g(t—)x) — u(t,x)] )

Clearly, we have E {f(Vy)} = u(0,V5) = u(0,Vp) and u (T, Vy) = f(Vr). By Ito’s

formula we have
E{f(Vr)—f(Vp)} (34)

= E{u(T,Vp) —u(0,Vh)}
_ Tloutve) oo ut V) 1 0*u(t, Vi)
[ i (S )

ot — 0z2
o <u (t, Vi + St_vt) — uft, Vt)) + zd: by (u (t, Vi, + éi_Vt) — uft, Vt))
=1

dt}.

3This relaxes the respective requirement on f in the theorem on weak convergence in Hofmann and
Platen (2000).
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It follows from (33) and (34) that,

BV = 1(72)) <35>
= |e{ [ [ - a2

1 (., - d L 0%u(t, V,
I —

+Xo (u (t, Vi + 5t—Vt) —u (tv Vi + S(t_)vt))

d
ji 0;(t—) ., ou(t,V,
+) A <u(t,w+egw)_u(t%)_ (d v, ugx t))
i=1

dt}‘.

We denote by I} the last term of the integrand on the right hand side of (35) and
estimate it as follows:
booeo)

() < e

=1

0;(t—) ., Ou(t,Vy)
d Vi ox

u (b Ve+ B_Ve) = ult, V) -

=1

Gt (0 -0 ) vt

s (1ot v) (6)' v
< $l(ef o2 ({ e
=1

+ <E{(é§_)4}); (E { @j; (Vi + (V)0 h) V3>2}> é] :

where 7(V;) € (0,1). By the polynomial growth constraint on ®% and (6), we have the

following estimate:

¢
d,
17
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such that

T
U E{If}dt’ < %.
0

The estimation of the other terms on the right hand side of (35) is easier and can be

done in a similar way. Hence the theorem is proved.

Q.E.D.

Proof of Theorem 2 for category III: As introduced in the proof of Theorem 1,
the processes Af, k=1,---,d, and V; are independent of Btk, k=1,---,d. Therefore,
since E {Béﬂ — 1} =0for k=1,---,d, we have the following estimate:

IN

<

\E{f(Vr)— f(VD)}|

B { POV = Vo) 317 (7 (Ve V) Vi (1= V2, V) V) Vi = Vi)?

S E {f’(VT)akAl}} E {B:’ﬁ . 1}

k=1

d

5 B (v (Ve Vi) Vie + (1= (Vi V) Vi) (Ve = Vi)

D=

1 (E { (f” (r (Vo, Vo) Ve + (1 = 7(V, V) ‘_/T)Q) }>

5 (E{(Ve — Vr)'})?

where 7 (V;,V;) € (0,1). As f” is at most of polynomial growth, it is not difficult to
see that there exists a constant C’ > 0 dependent on T' and f but independent of d,
such that

|E{f(Vr) = f(Vr)}]

< O (B{(vr - Vi)’
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4 2
Z akAT BT — 1)]

= E

: E{i (1)) 12 (ol (1) (1))

k=1 kK

where C' > 0 is a constant dependent on 1" and f but independent of d.

Q.E.D.

Remark So far, we have proved both the weak convergence and strong convergence
in a continuous-time setting. One can easily extend Theorems 1 and 2 to the case of
discrete-time strategies by applying the results on the two types of convergence for the
discretization of jump diffusions in Liu and Li (1999, 2000). In practice, the step size for
time discretization could be very small as real-time re-adjustments of portfolio positions
can be facilitated by high performance computers. Therefore, the approximation error

between V; and V; is primarily determined by the asset number d.

4 Asymptotic Value-at-Risk

Duffie and Pan (2001) developed an analytical formula for computing the VaR of multi-
factor jump-diffusion portfolios. But the computation becomes tedious when the asset
number becomes too large. It is also intractable if we use Monte Carlo method to
estimate the VaR of large diversified portfolios because too many Brownian motions
and Poisson paths have to be simulated. However, if we use the asymptotic dynamics
(18) instead, then the analytical calculation and Monte Carlo estimation of the VaR

will become much easier.
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Suppose we observe that Xtin = X!, such that V,, = Zle g%anL. By (26), the change
in the logarithm of the respective asymptotic portfolio values V; at t, 41 = t, + 7 can

be written as:
AL, =Ly — Ly, = (@(tn) — ;BQ(tn)> T+ B(tn)Tz+In (1+6(t,—)) Ny, (37)

where z is a random normal variable and Ny is a standard Poisson process with inten-
sity Ao. @(ty), B(tn), and §(t,—) can be evaluated as specified in (19),(20), and (25)
respectively. The calculation of the tail probability of AL, is straightforward:

P(AL, <c¢) =Y pnF(dn) (38)
n=0
for a given number ¢, where
bn = P(NT = n) = 67)\0TM7
n!
4 - c—7(alty) — %B%t?)) —nln (1+6(t,—))
T6(tn) ’

and F' is the cumulative density function for a standard normal distribution. The
series in (38) converges rapidly, so that only the first few terms need to be computed
to achieve an accurate approximation of the tail probability. Finally, the VaR of V41

can be approximated by inverting the tail distribution function (38).

5 Simulation Studies

In this section, we investigate numerically the performance of V; in mimicking the
pathwise evolution of V; and in proxying as a substitute of V; for VaR estimation and

derivative pricing.

5.1 Pathwise approximation

Theorem 1 implies that sample paths of the portfolio value V; approach those of its
asymptotic dynamics V; with respect to the same realizations of the market white-noise
WY and market jump NP as the asset number d increases. We test the result on all
the three categories of portfolios with respect to the parameters as in Table 1. For

simulation purpose, the parameters have been set to hold across each ¢ = 1,--- ,d,
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Table 1: Parameters for simulations

d a; Bi Vi 0 0; | N X} 96 At

200 | —0.3 | random in [0,1] | 0.01 | 0.05 | 0.05 | 1.0 | random in[0,1] | (3)(Z)

where d is the number of assets, e.g. stocks, in the portfolio. Also, the portfolio value
is normalized to start at V) = 1.

Figures 1 to 3 plot the sample paths of the jump-diffusion processes V; of portfolios
in the categories I-III and their asymptotic processes V; respectively. See figures at the
end of paper. It turns out that V; almost replicates V; in every case even if there were
occurrences of dramatic jumps. This evidence of pathwise approximation ensures the
feasibility of replacing the large diversified portfolios with their corresponding asymp-
totic dynamics in pricing path-dependent options on V;. We shall further investigate

this issue in the next subsection.

5.2 Valuation of Vanilla and Exotic Options

Financial indices are special portfolios that function not only as indicators of the econ-
omy, but also as the underlying variable for derivatives such as index futures and op-
tions. Prices of such derivatives can be expressed as expectations of functionals of the
index V;. According to Theorem 2, we can use Vr given in (24) and (25) to substitute
for V7 in valuing vanilla European options on Vp. Furthermore, since V; approximates
V; in a pathwise sense as demonstrated in the previous subsection, we can also replace
the processes V; with V; in the valuation of path-dependent options.

Table 2 compares the prices of vanilla, barrier, Asian and lookback call options
obtained by using V; as the underlying with those obtained by using V;. For simplic-
ity, we assume that the equation (4) already represents the evolution of V; under a
prescribed risk-neutral probability measure. The option prices are produced by Monte
Carlo method with 1000 sample paths under the same setup as described in the previ-
ous subsection. Table 3 presents similar results on put options. From Tables 2 and 3,
we can see that the two sets of prices are close enough in all cases. This confirms that

V; provides a computationally parsimonious proxy of V; for pricing vanilla and exotic
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options.

Table 2: Prices of Call Options on V; and V; respectively

Sp =1.0 Call Option Barrier Option Asian Option Lookback Option
on Vi on V; on Vi on V; on Vy on V; on Vi on V;
K=0.7, H=1.4 0.4555 0.4551 1.58E-02 1.64E-02 0.3705 0.3694 0.4791 0.4771
K=0.8, H=1.4 0.3575 0.3571 1.19E-02 1.24E-02 0.2725 0.2714 0.3810 0.3790
K=0.9, H=1.4 0.2594 0.2590 7.97E-03 8.55E-03 0.1744 0.1733 0.2830 0.2810
K=1.0, H=1.4 0.1614 0.1610 4.05E-03 4.63E-03 7. 76 E-02 7.62E-02 0.1849 0.1829

K=1.1, H=1.4 7.97E-02 7.89E-02 1.03E-03 9.77E-04 1.08E-02 1.01E-02 9.47E-02 9.21E-02

K=1.2, H=1.4 3.21E-02 3.05E-02 0 0 1.54E-04 1.02E-04 3.63E-02 3.40E-02

K=1.3, H=1.4 7.04E-03 6.72E-03 0 0 0 0 8.49E-03 7.41E-03

Table 3: Prices of Put Options on V; and V; respectively

Sp = 1.0 Put Option Barrier Option Asian Option Lookback Option
on Vi on Vi on Vi on Vi on Vi on Vi on Vi on Vi

K=0.7, H=1.4 0 0 0 0 0 0 0 0

K=0.8, H=1.4 0 0 0 0 0 0 0 0

K=0.9, H=1.4 0 0 0 0 0 0 0 0

K=1.0, H=1.4 0 0 0 0 1.28E-03 9.44E-04 0 0

K=1.1, H=1.4 1.64E-02 1.59E-02 9.01E-04 2.60E-04 3.25E-02 3.29E-02 7.83E-03 7.25E-03

K=1.2, H=1.4 6.68E-02 6.56E-02 3.78E-03 3.20E-03 0.1198 0.1209 4.75E-02 4.72E-02

K=1.3, H=1.4 0.1398 0.1398 7.70E-03 7.12E-03 0.2177 0.2188 0.1177 0.1186

5.3 Asymptotic VaR

Another application of the asymptotic portfolios V; is that they can be used for com-

puting the tail probability of AV; (or AL;) so as to obtain approximate VaR of the
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actual portfolios V;. For example, to estimate one-month 4 values-at-risk for the large
diversified portfolios specified in subsection 5.1, we simulate 1000 sample paths of V;
and V; respectively and compute the cumulative density function (cdf) of AV; and AV;.
The 1-month cdf curves for AV; and AV, are plotted in Figures 4 to 6 for portfolios in
the three categories respectively. See figures at end of paper. The two cdf curves, for
V; and V; respectively, are almost identical in all the situations, whereas the estimation
based on V; can provide for a great deal of economy in terms of computing resources in
simulating multi-noise diffusion processes, V;. This is a significant improvement in real

time VaR estimation for large scale portfolios.

6 Conclusions

This paper derives continuous-time asymptotic dynamics in terms of a Brownian mo-
tion and a Poisson process for large diversified portfolios with jump-diffusion asset
prices, such as equal money-weighted portfolios, risk-minimizing portfolios, and finan-
cial indices. The jump-diffusion process provides for better and more appropriate fit of
empirically observed price processes displaying fat-tails. Different orders of strong con-
vergence and weak convergence for the portfolio values toward their asymptotic values
are proved. The prices of vanilla and path-dependent options can be approximated by
using the respective asymptotic portfolio as the underlying security if the number of
assets in a large diversified portfolio is sufficiently large.

Our results allow for portfolio VaR to be estimated analytically or else by Monte
Carlo simulations based on the asymptotic dynamics. The theoretical results in this
paper are verified by numerical evidence. The direct and explicit characterization of
the asymptotic processes of these portfolios, and the analytical computation of VaR
thus provide a convenient and tractable way of measuring Value-at-Risk for purpose of

bank risk management.

“To be convincing, here we provide the results of long-term VaR to illustrate the effectiveness of
using the asymptotic dynamics. Our other simulations show that they perform equally well or even

better in the estimation of short-term VaR, which is popular in the practice of portfolio management.
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Figure 1: Sample Path of Portfolio I and Respective Asymptotics
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True and Approximate Values of Porfolio

Figure 2: Sample Path of Portfolio II and Respective Asymptotics
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Figure 3: Sample Path of Portfolio III and Respective Asymptotics
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Cummulative Density

Figure 5: Distribution of One-month Value of Portfolio II
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Figure 6: Distribution of One-month Value of Portfolio III
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